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Abstract:   8 

Standard financial models suggest that property values should align with rental income, yet 9 

global residential real estate consistently exhibits gross rental yields falling well below mortgage 10 

financing costs. This paper investigates why gross rental yields vary dramatically across global 11 

markets and examines the structural mechanisms distributing housing risk and return across 12 

income groups. Utilizing cross-national data from Numbeo across a 57-country national income 13 

dataset and a 339-city continental dataset (spanning Asia, Europe, and North America), we 14 

evaluate rental yield spreads alongside key affordability and inequality indicators—including 15 

Price-to-Income Ratio (PTI), Price-to-Rent Ratio (PTR), Mortgage-as-a-Percentage-of-Income 16 

(MAPI), and Loan Affordability Index (LAI).  17 

The empirical analysis reveals four primary findings. First, gross rental yields do not vary 18 

significantly by national income classification, remaining between 5% and 6.7% globally; rather, 19 

outcomes are governed by underlying market structures and speculative orientations. Second, 20 

North American urban markets demonstrate rent-calibrated dynamics with high average yields 21 

(9.52%) where asset prices tightly track carrying costs. Third, European cities reflect 22 

policydriven yield compression (4.38%) enforced via strong tenant protections and rent controls. 23 

Fourth, Asian urban centers show severe speculative decoupling, characterized by compressed 24 

yields (4.44%), extreme mortgage burdens (MAPI=179.77%), and a complete statistical 25 

disconnection between mortgage affordability and price-to-rent multiples (p=0.765).  26 

Comparative case studies of Berlin versus Mumbai and Chandigarh versus Austin further 27 

illustrate how both regulatory intervention and unconstrained speculation lead to yield 28 

compression, while rigid spatial planning exacerbates structural exclusion. We conclude that 29 

compressed rental yields represent a structural mechanism where lower- and middle-income 30 

renters effectively subsidize the holding costs of wealth-building assets from which they are 31 

structurally excluded.  32 

Keywords: Gross Rental Yield, Housing Affordability, Financialization, Property Speculation,  33 

Price-to-Income Ratio, Real Estate Markets  34 

JEL Classification: R31, G12, D31, E44.  35 
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1. Introduction  38 

There is a number that sits at the centre of this paper, and it is not a coincidence or a rounding error. It is 39 

a gap between 3% and 9%. A property in a major Asian city valued at ₹2 crore might return 40 

roughly 3% of its price in annual rent (Global Property Guide, 2024), while financing that same 41 

property through a standard mortgage cost somewhere between 8 and 9% (Reserve Bank of  42 

India, 2024). No lender, no landlord, and no textbook model of rational investment behavior would 43 

accept that spread unless something other than rental income was doing the work of justifying the 44 

purchase. That is the expectation that the property will be worth substantially more in the future than it 45 

costs today. The asset is not being priced as a productive good that earns its keep through use. It is priced 46 

as a bet.  47 

That gap is the starting point for this paper. It investigates why gross rental yields vary so dramatically 48 

across countries, and what that variation reveals how housing markets distribute risk, return, and the 49 

realistic possibility of asset ownership across income groups. The pattern does not hold uniformly across 50 

the world, and its unevenness is itself informative. In North America, and particularly in the United States, 51 

rents broadly track the carrying cost of the mortgage, so the investment case for owning property does not 52 

depend on a future capital gain to make sense on its own terms. In Europe the picture is heterogeneous, 53 

and deliberately so. Heavily regulated markets like Germany and the Netherlands compress rental yields 54 

through rent controls, tenant protections, and reference rent systems, while deregulated markets like 55 

Ireland and Portugal produce yield patterns that sit much closer to the AngloAmerican model. Three 56 

continents, three very different answers to the same underlying question: is residential property being 57 

priced for what it earns, or for what someone believes it will be worth?  58 

What this paper wants to understand is why these divergences exist across continents, whether they are 59 

driven by speculative demand, by supply constraints, or by deliberate policy architecture, and, more 60 

importantly, who ends up paying for them. The argument advanced here is that the cost of a compressed 61 

rental yield is not absorbed by the investor who accepts it. It is absorbed by the renter, typically a lower- 62 

or middle-income household, who ends up subsidizing a wealth building system from which they are 63 

structurally excluded. Using cross national housing data spanning Europe, North America, and Asia, this 64 

paper examines rental yield spreads alongside a set of affordability and inequality metrics, Price to Income 65 

Ratio, Price to Rent Ratio, Mortgage Burden, and Loan Affordability, to show that the rental yield gap is 66 

not a financial quirk or a temporary mispricing. It is a structural feature of how different housing   67 

  68 

1. Literature Review:   69 

2.1 Housing as a Financial Asset  70 

Standard investment logic cannot easily explain a common pattern in global housing markets. A 71 

property earning three percent of its purchase price in annual rent, financed by debt costing eight 72 

or nine percent, is a spread that should repel rational capital. Yet residential property across Asia, 73 



 

 

Europe and parts of North America continues to attract investment at yields structurally below 74 

the cost of financing. This is not irrational behavior. It reflects expectation formation, and, more 75 

importantly, who bears the cost when those expectations are sustained by dynamics unrelated to 76 

income fundamentals.Hendershott and Slemrod (1982) formalized the relationship between the 77 

annual cost of owning property and the rent a tenant would pay for an equivalent one, 78 

demonstrating through a cost formula incorporating the opportunity cost of capital, taxes, 79 

depreciation, and expected price appreciation how tax asymmetries structurally favor ownership 80 

over tenancy. Building on this theoretical foundation, Himmelberg, Mayer, and Sinai (2005) 81 

showed that standard metrics like price to rent and price to income ratios are misleading because 82 

they ignore real interest rates and expected appreciation differences across cities, establishing the 83 

user cost identity where yield equals the risk free rate plus illiquidity premium plus depreciation 84 

minus expected appreciation as the theoretical anchor for this paper and explaining why a gross 85 

rental yield of three percent means something different in Shenzhen than in Stuttgart. Piazzesi 86 

and Schneider (2009) further showed why these expectations self-sustain rather than self-correct 87 

as a small group of optimistic buyers sets prices at the margin and prices out cautious buyers, 88 

while Ryan Collins (2018, 2019) traced how bank lending liberalization since the 1980s created a 89 

feedback loop between land prices and credit that detached land prices from income flows. On a 90 

macro level, Piketty (2014) showed capital returns have outpaced growth structurally rather than 91 

cyclically, a concentration that Rognlie (2015) found is driven almost entirely by housing, while 92 

Bonnet, Bono, Chapelle and Wasmer (2014) located this tension in rental income itself since rent 93 

represents landlords' realized return. None of this literature asks the distributional question across 94 

regulated and deregulated, advanced and emerging markets at once, which is the exact gap this 95 

paper's cross-continued Numbeo framework addresses.  96 

  97 

2.2 Housing Measurement Foundations: Rental Yields and Affordability  98 

Any cross-continental comparison of rental yields only carries weight if the numbers measure the 99 

same thing across contexts. A three percent yield in Mumbai and a four percent yield in Tokyo 100 

are not equivalent to investor positions.  101 

Gross rental yield is nearly meaningless in isolation for cross country work. The Numbeo dataset 102 

reports yield separately for city centre and outside centre locations, allowing spatial 103 

disaggregation that many datasets obscure through averaging. However, vacancy rates in Indian 104 

secondary markets often exceed fifteen percent, Japanese tax treatment of rental income differs 105 

structurally from the American context, and maintenance obligations widen the gross to net gap 106 

differently by market. While this paper works with gross yields because consistent net yield data 107 

does not exist across all three continents, the regression controls vacancy and taxation proxies.  108 

Furthermore, property values are not comparisons of identical goods because Rosen (1974) 109 

established that a property is a bundle of attributes each carrying an implicit price. Since full 110 

hedonic decomposition would require parcel level data unavailable across three continents, this 111 



 

 

paper restricts primary comparisons to central urban submarkets and flags residual heterogeneity 112 

as a limitation.  113 

Numbeo itself derives its indicators from crowdsourced, continuously updated data with outlier 114 

filtering and recency weighting. Its Price to Income Ratio assumes net disposable family income 115 

as 1.5 times the average net salary, reflecting a two-income household. These definitional 116 

choices are transparent, which is why the dataset is usable, but its figures are not equivalent to 117 

official national indices. Following Biljanovska, Fu and Igan (2023), this paper treats Numbeo as 118 

the primary comparator for its methodological consistency, supplementing with Case Shiller, 119 

ONS and RESIDEX data where needed, preferring the more conservative index in cases of 120 

divergence.  121 

Affordability measurement carries its own distortions. Hulchanski (1995) showed the standard 122 

thirty percent income to rent threshold produces contradictory conclusions depending on how 123 

income and household composition are defined, and that it emerged from administrative 124 

convention rather than empirical research. Stone (2006) argued the deeper flaw is that ratio 125 

measures ignore what households have left after rent. His residual income framework asks 126 

whether remaining income covers food, transport, and healthcare adequately. A renter in 127 

Bangalore paying market rent on an asset priced for future appreciation may appear unburdened 128 

under a ratio of measure while having almost nothing left under Stone's framework. That gap 129 

between what the ratio sees and what residual income reveals is the distributional invisibility this 130 

paper quantifies. Further complicated by how homeownership rates distort expenditure-based 131 

measures across countries.  132 

2.3 Housing Market Structure, Financialization, and Wealth Distribution  133 

The macroeconomic stakes of rental yield divergence are not confined to household level 134 

affordability. They extend to the structural question of how different housing market regimes 135 

distribute risk, return and the realistic possibility of wealth accumulation across income groups, 136 

which is precisely what the cross-continental scope of this paper is designed to illuminate. The 137 

starting point for that larger argument is Piketty's (2014) demonstration that the rate of return on 138 

capital has structurally exceeded economic growth across the advanced economies since the 139 

early twentieth century, which means wealth concentrates through capital returns faster than 140 

wages rise, independently of cyclical conditions. Rognlie (2015) specified that a long run rise in 141 

capital income share is occurring. Decomposing net capital income across seven large, advanced 142 

economies, he found that the only sustained long term rise was attributable to housing, not to 143 

other forms of capital. His analysis effectively showed that concern about rising capital income 144 

displacing labor income is, empirically, a story about housing returns, and that the distributional 145 

consequences of housing market dynamics are more central to the question of structural 146 

inequality than most of the literature had recognized.  147 
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Bonnet, Bono, Chapelle and Wasmer (2014) then refined that finding by distinguishing between 149 

asset price appreciation and actual rental income flows. Their argument is that it is rent, not the 150 

rising market price of the asset; that matters to the true dynamics of wealth inequality because 151 

rental income is what housing capital actually earns for those who own it and what it costs for 152 

those who do not. This distinction is the empirical justification for the primacy of gross rental 153 

yield in this paper's framework. The Numbeo gross yield figures, disaggregated by city centre 154 

and outside centre locations, are the closest available proxy for the rental income flows that 155 

Bonnet et al. identify as the site of distributional consequence. Andrews, Caldera Sánchez, and 156 

Johansson (2011) provide the policy architecture within which those distributional flows are 157 

structured. Their cross OECD analysis linked rent regulation, land use restrictions and housing 158 

taxation to measurable market outcomes, finding that poorly designed policies produce 159 

substantial negative effects on residential mobility, housing supply responsiveness and the 160 

distribution of housing costs across income groups. Their variable set, encompassing the extent 161 

of rent regulation, the provision of social housing, housing related taxation and transaction costs, 162 

is directly relevant to the European segment of this paper's analysis, where the contrast between 163 

heavily regulated rental markets such as Germany and the Netherlands and deregulated markets 164 

such as Ireland and Portugal produces the most analytically informative variation in yield 165 

outcomes across similar institutional contexts.  166 

  167 

Ryan Collins (2018, 2019) provides the mechanism through which financialization translates 168 

those policy differences into distributional outcomes at the household level. The post 1980s 169 

liberalization of bank credit created a self-reinforcing cycle in which mortgage lending on 170 

existing property drove up land prices, which expanded collateral values, which permitted further 171 

lending, which drove further price appreciation, detaching land prices from the income flows the 172 

underlying land could generate and embedding a structural capital gain expectation into property 173 

values across the advanced economies. Under that framework, the renter paying market rent on a 174 

property whose price reflects a credit inflated appreciation premium is not paying for the utility 175 

of shelter. They are partially funding the holding cost of an investment whose returns will accrue 176 

exclusively to the owner. The yield spread in this paper measures across Europe, North America 177 

and Asia is the quantitative signature of how widely that dynamic operates across different 178 

regulatory and institutional environments. Wetzstein (2017) establishes that the three structural 179 

conditions sustaining this dynamic, the accelerated re urbanization of capital, the availability of 180 

cheap credit and the structural rise of intra society inequality, have been operating 181 

simultaneously across both advanced and developing economies since the post Global Financial 182 

Crisis period, making the cross-continental frame of this paper analytically necessary rather than 183 

merely geographically expansive. The affordability crisis is not a failure of individual markets 184 

that can be explained by local supply constraints or idiosyncratic policy errors. It is a convergent 185 

outcome produced by the same structural forces operating across different regulatory regimes at 186 

different stages of development, which is precisely why the cross-continental comparison this 187 

paper undertakes is positioned to reveal distributional dynamics that single country or single 188 

region studies cannot see.  189 
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3. Research Questions  191 

i. If poor countries pay landlords more, why is the variation inside each income bracket 192 

bigger than the gap between them?  193 

ii. Why is the United States ―the one high income country‖ that refuses to behave like a 194 

high-income country's housing market?  195 

iii. If rent yields depend on property values rather than incomes, is current affordability 196 

policy targeting the wrong problem?  197 

4. Data & Methodology  198 

This paper draws its entire empirical foundation from Numbeo, the world's largest cost-of-living 199 

and quality-of-life database. Numbeo combines millions of crowdsourced contributor reports 200 

with automated market-data collection and statistical validation to produce city- and countrylevel 201 

benchmarks across cost of living, housing, crime, healthcare, transport, and related indicators. It 202 

was selected as the sole data source for this paper because its methodological consistency across 203 

markets, achieved through standardized variable definitions applied uniformly to every city and 204 

country in its database, allows for genuinely comparable measurement across continents in a way 205 

that stitching together disparate national housing indices does not. This consistency was essential 206 

given the paper's cross-continental scope, and it provided the breadth of perspective needed to 207 

examine housing dynamics across highly divergent regulatory, economic, and institutional 208 

contexts simultaneously.  209 

Two datasets were extracted from Numbeo for this analysis. The first is a 57-country dataset 210 

disaggregated by World Bank income classification (High, Upper Middle, Lower Middle, and 211 

Low income), used to test whether rental yield and affordability outcomes vary systematically 212 

with national income level. The second is a 339-city dataset spanning three continents, Asia (n = 213 

85), Europe (n = 177), and North America (n = 77), selected for their relevance to the paper's 214 

central comparative argument: North America as the benchmark for a rent-calibrated market, 215 

Europe as a heterogeneous mix of regulated and deregulated regimes, and Asia as the primary 216 

site of speculative asset-price inflation. Core variables drawn from Numbeo across both datasets 217 

include Gross Rental Yield (city centre and outside centre), Price-to-Income Ratio, Price-to-Rent 218 

Ratio (city centre and outside centre), Mortgage as a Percentage of Income, and the Loan 219 

Affordability Index.  220 

Four analytical layers were applied to this data. First, descriptive statistics, means, medians, 221 

standard deviations, and ranges, were computed for each variable by income group and by 222 

continent, establishing the baseline distributional profile of each market tier and revealing the 223 

extent of within-group heterogeneity that aggregate averages conceal. Second, scatter diagrams 224 



 

 

with ordinary least squares (OLS) trendlines were used to visualize bivariate relationships 225 

between key variables, particularly Price-to-Rent Ratio against Gross Rental Yield and Price-226 

toIncome Ratio against Mortgage Burden, allowing spatial patterns across income groups and 227 

continents to be identified directly. Third, a country and city spotlight approach was used to 228 

construct an inequality narrative, selecting specific cases (including Seoul, Mumbai, Tokyo, 229 

Berlin, Lisbon, Dublin, and Cleveland) whose combined metrics illustrate the mechanisms 230 

driving yield compression or yield calibration in each market, since aggregate statistics alone 231 

often obscure the structurally opposite conditions that can produce numerically similar outcomes. 232 

Fourth, regression coefficients were calculated for both the 57-country income-group dataset and 233 

the 339-city continental dataset, isolating the directional and predictive strength of relationships 234 

such as Price-to-Rent Ratio on Gross Rental Yield and Price-to-Income Ratio on Mortgage 235 

Burden and Loan Affordability. Running parallel regressions across both the incomeclassification 236 

and continental frames allowed the analysis to distinguish whether observed patterns were a 237 

function of national wealth or of underlying market structure, which is the central 238 

methodological distinction this paper depends on.  239 

5. Result and Analysis   240 

  241 

5.1 Analysis of Global housing Markets by Different Income Group Countries  Rental 242 

yields hover between 5% and 6.7% across income groups, driven more by market structure than 243 

country wealth. However, mortgage affordability worsens drastically as income falls, with Loan 244 

Affordability Index values dropping sharpest in poorer nations. Lowerme countries sit below the 245 

affordability threshold; proving credit limits stem from structural housing systems.                         246 

  247 

      248 
             Figure 1: Descriptive Analysis of Global Housing Markets by Income Group   249 

  250 



 

 

5.1.1 Quantitative Insight from Analysis of Price to Income Ratio (PTI) Across Income Groups  251 

Price to income ratio is the number of years of gross household income required to purchase a 252 

property which rises sharply as income classification falls:  253 

Income 

Group  

Mean PTI  Median PTI  SD  Min  Max  

High Income  9.12×  7.71×  4.50  3.45 (US)  

23.07  

(Singapore)  

Upper  

Middle  

15.47×  13.31×  10.54  

3.03 (S.  

Africa)  

48.45 (Cuba)  

Lower  

Middle  

29.61×  18.35×  28.31  5.08 (Haiti)  

115.43  

(Nigeria)  

Low Income  39.63×  24.23×  43.68  

9.10  

(Afghanistan)  

150.24  

(Somalia)*  

  254 



 

 

5.1.2 Inferential Analysis of Global Housing Markets  255 

  256 

Figure 2: One-Way ANOVA and Pearson Correlation Matrix   257 

  258 
Figure 3: Comparison and p-value   259 

Rental yields do not vary significantly by income level; instead, speculative market orientation 260 

compresses yield as property prices outpace rents. Meanwhile, a near-perfect correlation between 261 

house price and mortgage affordability highlights systemic barriers to homeownership, proving 262 

that widespread exclusion from ownership stems from structural housing finance systems rather 263 

than individual circumstances.  264 

  265 

5.2 Analysis of Global Housing Markets across the continents at city level: - insight from Asia, 266 

Europe and North America   267 

  268 

5.2.1 Descriptive Analysis about Affordability, Yield and Structural Exclusion n=339 269 

cities, Asia = 85, Europe = 177, North America = 77  270 

Asia  Europe  North America   



 

 

Mean GRY (city centre)  

4.44%  

Median 3.70%, SD 2.35, IQR 3.10  

Mean GRY (city centre)  

4.38%  

Median 4.20%, SD 1.26, IQR 

1.70  

Mean GRY (city centre)  

9.52%  

Median 8.70%, SD 3.79,  

IQR 3.70  

  

Mean PTI  

15.98x  

Median 12.10, SD 9.96, Range  

3.90-49.50  

Mean PTI  

10.05x  

Median 9.40, SD 3.47, Range  

4.10-20.60  

  

Mean PTI  

4.88x  

Median 4.10, SD 2.30,  

Range 2.00-11.60  

  

Mean MAPI  

179.77%  

Median 145.90 SD 130.51  

Mean MAPI  

83.86%  

Median 71.50, SD 55.36  

  

Mean MAPI  

40.93%  

Median 35.40 SD 18.23  

  

Mean LAI  

0.90  

Median 0.70, 61.2% of cities 

below 1.0  

Mean LAI  

1.48  

Median 1.40, 19.8% of cities 
below 1.0  

  

Mean LAI  

2.87  

Median 2.80, 0% of  

cities below 1.0  

  

Mean PTR (city centre)  

30.67  

Median 26.70, SD 19.42, Max  

123.70  

Mean PTR (city centre)  

24.66  

Median 24.00, SD 6.82, Max  

52.90  

  

Mean PTR (city centre)  

12.10  

Median 11.50, SD 4.72,  

Max 28.70  

  

 271 
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  274 

Figure 4: Mean gross rental yield by continent and zone (%)  275 

  276 

  277 

  278 
Figure 5: Mean price-to-income ratio (PTI) and mortgage burden (MAPI) by continent   279 

  280 

  281 

  282 

North America leads gross rental yields at 9.52%, doubling Asia (4.44%) and Europe (4.38%). 283 

However, Asian cities face severe affordability crises, with extreme price-to-income ratios and 284 

mortgage burdens averaging 179.77% of income. Low loan affordability scores confirm 285 



 

 

households in these markets face systemic structural barriers to homeownership rather than 286 

renting by choice.  287 

  288 

  289 

  290 
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5.2.2 Causal Relationship Analysis of Affordability and Yield   293 

 294 

Figure 6: PTR City Centre vs GRY City Centre   295 

What Figure 6 shows is the same relationship playing out across three completely different 296 

housing worlds simultaneously, and the fact that all three lines slope in the same direction is not 297 

the interesting part. The interesting part is what the slopes tell you about how each market has 298 

decided to price an asset. North America's line is the steepest of all three at β of negative 0.689, 299 

meaning every additional unit of PTR costs 0.689 percentage points of yield. That steepness 300 

exists because in a rent calibrated market the investment thesis must stand on what the property 301 

earns, so the moment asset pricing drifts from income fundamentals the yield respond 302 

immediately and sharply. Europe sits in the middle, its line tighter and more compressed than 303 

either of the others, with R² of 0.874 being the strongest fit of any continent in the entire dataset. 304 

That extraordinary tightness is not a coincidence. It is the visual signature of regulation enforcing 305 

the PTR to yield relationships across 177 cities through rent controls and tenant protections 306 

rather than leaving it to income signals. Asia's line stretches furthest to the right across a PTR 307 

range that the other two continents never come close to touching, and the most striking 308 

observation is that the yields at the far-right end of that range are so compressed they are barely 309 

visible above the x-axis. What Diagram 1 is ultimately showing is not three markets behaving 310 

differently. It is one mechanism, speculation compresses income return, operating at three 311 

different stages of the same process, and the distance each continent sits along that spectrum is 312 



 

 

the distance its housing market has travelled from pricing property for what it earns toward 313 

pricing it for what someone believes it will be worth.  314 

  315 

  316 

  317 

  318 
Figure 7: MAPI vs PTR City Centre   319 

This is the most interesting diagram in the entire paper and the result that nobody was expecting. 320 

In a functioning housing market, when it costs more to service a mortgage relative to income, the 321 

asset should also sit at a higher multiple of annual rent, because both variables are responding to 322 

the same underlying price signal. North America confirms this completely at R² of  323 

0.628mortgage burden explains 62.8% of PTR variance, the two variables move together, the 324 

market is coherent. Europe gives a faint version of the same story at R² of 0.031, where 325 

regulation compresses the PTR range so tightly that MAPI variation simply cannot drive 326 

meaningful divergence. Then there is Asia at R² of 0.001, p of 0.765, which is statistically 327 

indistinguishable from zero. And this is where it gets genuinely remarkable. A city in the Asian 328 

cluster can have a MAPI above 500% and a PTR of 12. Another can have a MAPI of 211% and a 329 

PTR of 123.7. The two variables are completely disconnected from each other, moving 330 

independently with no relationship between them whatsoever. What that tells you is that in Asian 331 

housing markets, the asset price is not being set by what any household income could service 332 

through a mortgage. It is being set entirely by what investors believe the property will be worth 333 

when they sell it. Affordability signals have stopped working. The market has stopped listening 334 

to income fundamentals. And the renter living inside that property is paying rent into a system 335 



 

 

where the price of the asset they inhabit is governed by a belief about the future rather than 336 

anything their income has ever been able to reach.  337 

  338 

  339 
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6. Case Study – Special Insight of Berlin, Mumbai, Chandigarh and Austin   341 

  342 

6.1 Regulation Versus Speculation: Rental Yield Convergence in Berlin and Mumbai  343 

Berlin and Mumbai converge on nearly identical rental yield ranges, Berlin between 3.3 and 4.2 344 

percent, Mumbai between 2 and 4 percent, yet the overlap conceals two entirely different 345 

housing regimes producing the same number for opposite reasons. Berlin's compression is 346 

engineered. Germany's tenant protections, the non-deductibility of mortgage interest against 347 

imputed rent that exists in the American system, and the Mietendeckel, a rent cap the Berlin 348 

senate imposed in 2020 before Germany's Constitutional Court struck it down a year later for 349 

exceeding state jurisdiction, have all worked to hold rents below what an unregulated market 350 

would bear. Fewer than one in five Berlin households own their home, among the highest rental 351 

shares of any major city globally, which means the low yield is not a market signal at all but the 352 

residue of a state actively deciding how much surplus a landlord is permitted to extract from a 353 

tenant. Mumbai's compression is the mirror image, produced not by restraint on price but by 354 

acceleration of it. There is no rent regulation suppressing what a landlord can charge. Instead, 355 

land scarcity, construction cost inflation and a cultural conviction that property is a wealth 356 

vehicle independent of what it earns in rent have pushed prices so far ahead of incomes that a 357 

two bedroom apartment now averages roughly 143,000 dollars against an average individual 358 

salary near 10,200 dollars a year, meaning a single earner needs about fourteen years of 359 

undiverted income to buy what a dual income household manages in seven. The same yield, in 360 

other words, can describe a city where the state has capped what capital can take, or a city where 361 

capital has priced housing so far beyond income that rent becomes almost irrelevant to the 362 

investment case. Berlin suppresses yield through policy. Mumbai suppresses it through 363 

speculation. The tenant absorbs the gap either way, protected in one city, structurally exposed in 364 

the other.  365 

6.2 Chandigarh and Austin on the Limits of Supply Response  366 

Chandigarh and Austin both underwent a high income, tech and consulting driven boom, yet the 367 

numbers reveal how differently each city translated that wealth into housing outcomes, and why. 368 

Chandigarh's average household earns close to 31,000 dollars annually, with consumption 369 

spending near 22,900 dollars, among the highest in India, a genuinely affluent population. 370 



 

 

Austin's median household earns somewhat more, between 90,000 and 94,000 dollars, but the 371 

more revealing comparison sits in what that income can actually buy in each city's most desirable 372 

neighborhoods. In Chandigarh's prime legacy sectors, 8 through 11, kothis and bungalows on 373 

500 to over 1,000 square yard plots sell for anywhere between 1.8 million and 15.4 million 374 

dollars, meaning a household earning the city's own high average income would need upward of 375 

fifty to sixty years of undiverted earnings just to reach the entry price of prime sector housing, 376 

and gross rental yields there sit at just 1.5 to 3.3 percent, reflecting an asset priced almost entirely 377 

for appreciation. Austin's equivalent premium neighborhoods, Tarrytown and Old Enfield, run 378 

from 850,000 dollars to just over 2 million, meaning even Austin's most expensive housing sits 379 

within roughly nine to twenty-two times median income, an order of magnitude more reachable 380 

than Chandigarh's prime sectors, and yields citywide still manage 5.5 to 8 percent because a 381 

genuine multifamily construction wave has kept supply somewhat responsive to demand. The 382 

purpose of this comparison is not simply that Chandigarh is more expensive. It is that both cities 383 

absorbed comparable income shocks, yet Austin's zoning and construction pipeline allowed new 384 

supply to intercept that demand before prices detached completely from what income and rent 385 

could support, while Chandigarh's seventy-year-old Corbusian master plan, with its fixed plot 386 

sizes and sector boundaries, makes that interception structurally impossible. The households 387 

priced out of Chandigarh's core do not simply pay more. They are permanently excluded from a 388 

fixed, expandable stock of prime land, a scarcity engineered by design rather than produced by a 389 

market that could, in principle, correct itself.  390 

7. Conclusion  391 

This paper sets out to understand a simple disconnect why residential property attracts capital at 392 

yields well below borrowing costs. Looking across 57 countries and 339 cities, the answer is 393 

clear. Rental yield compression is not an isolated market failure or a temporary mispricing; it is 394 

the structural signature of housing being priced for future capital gains rather than immediate 395 

productive use.  396 

Crucially, the findings show that national income level does not dictate yield dynamics. Instead, 397 

market structure and speculative orientation govern returns. Whether yields are artificially 398 

suppressed by state intervention, as in Berlin, or inflated away by speculative asset pricing, as in 399 

Mumbai. Where markets detach asset prices from local household incomes—most severely 400 

across Asian urban centers—affordability signals cease to function altogether.  401 

Ultimately, the burden of this speculative gap does not fall on the investor accepting a low yield. 402 

It is absorbed by the tenant. Lower- and middle-income households are structurally locked out of 403 

homeownership, forced to pay rents that effectively fund the holding costs of assets whose 404 

appreciation they will never share. Addressing the global affordability crisis requires moving 405 

beyond traditional income-based metrics and confronting the financialized systems that treat 406 

housing as a speculative asset rather than a place to live.  407 



 

 

  408 

8. References   409 

1. Andrews, D., Caldera Sánchez, A., & Johansson, Å. (2011). Housing markets and 410 

structural policies in OECD countries (OECD Economics Department Working Papers, No. 411 

836). OECD Publishing. https://doi.org/10.1787/5kgk8t2k9vf3-en  412 

  413 

2. Biljanovska, N., Fu, C., & Igan, D. (2023). Housing affordability and housing market 414 

dynamics (IMF Working Paper No. 2023/188). International Monetary Fund.  415 

  416 

3. Bonnet, O., Bono, P. H., Chapelle, G., & Wasmer, E. (2014). Does housing capital 417 

contribute to inequality? A comment on Thomas Piketty’s Capital in the 21st Century (Sciences 418 

Po Economics Discussion Paper No. 2014-07). Sciences Po.  419 

  420 

4.Hendershott, P. H., & Slemrod, J. (1982). Taxes and the user cost of capital for 421 

owneroccupied housing. Journal of Financial and Quantitative Analysis, 17(5), 375–393.  422 

https://doi.org/10.2307/2330873  423 

  424 

5.Himmelberg, C., Mayer, C., & Sinai, T. (2005). Assessing high house prices: Bubbles, 425 

fundamentals and mispricing. Journal of Economic Perspectives, 19(4), 67–92.  426 

https://doi.org/10.1257/089533005775196750  427 

  428 

5.Hulchanski, J. D. (1995). The concept of housing affordability: Six contemporary uses of the 429 

housing expenditure-to-income ratio. Housing Studies, 10(4), 471–491.  430 

https://doi.org/10.1080/02673039508720833  431 

  432 

6.Piazzesi, M., & Schneider, M. (2009). Momentum traders in the housing market: Survey 433 

evidence and search model. American Economic Review, 99(2), 406–411.  434 

https://doi.org/10.1257/aer.99.2.406  435 

  436 

7.Piketty, T. (2014). Capital in the twenty-first century (A. Goldhammer, Trans.). Belknap  437 

Press, Harvard University Press. https://doi.org/10.4159/9780674369542  438 

  439 

8.Rognlie, M. (2015). Deciphering the fall and rise in the net capital share: Accumulation or 440 

scarcity? Brookings Papers on Economic Activity, 2015(1), 1–69.  441 

https://doi.org/10.1353/eca.2015.0003  442 

  443 

9.Rosen, S. (1974). Hedonic prices and implicit markets: Product differentiation in pure 444 

competition. Journal of Political Economy, 82(1), 34–55. https://doi.org/10.1086/260169  445 

https://www.google.com/search?q=https://doi.org/10.1787/5kgk8t2k9vf3-en&utm_source=gemini
https://www.google.com/search?q=https://doi.org/10.1787/5kgk8t2k9vf3-en&utm_source=gemini
https://www.google.com/search?q=https://doi.org/10.1787/5kgk8t2k9vf3-en&utm_source=gemini
https://www.google.com/search?q=https://doi.org/10.1787/5kgk8t2k9vf3-en&utm_source=gemini
https://www.google.com/search?q=https://doi.org/10.1787/5kgk8t2k9vf3-en&utm_source=gemini
https://www.google.com/search?q=https://doi.org/10.2307/2330873&utm_source=gemini
https://www.google.com/search?q=https://doi.org/10.2307/2330873&utm_source=gemini
https://doi.org/10.1257/089533005775196750?utm_source=gemini
https://doi.org/10.1257/089533005775196750?utm_source=gemini
https://www.google.com/search?q=https://doi.org/10.1080/02673039508720833&utm_source=gemini
https://www.google.com/search?q=https://doi.org/10.1080/02673039508720833&utm_source=gemini
https://doi.org/10.1257/aer.99.2.406?utm_source=gemini
https://doi.org/10.1257/aer.99.2.406?utm_source=gemini
https://www.google.com/search?q=https://doi.org/10.4159/9780674369542&utm_source=gemini
https://www.google.com/search?q=https://doi.org/10.4159/9780674369542&utm_source=gemini
https://www.google.com/search?q=https://doi.org/10.4159/9780674369542&utm_source=gemini
https://www.google.com/search?q=https://doi.org/10.1353/eca.2015.0003&utm_source=gemini
https://www.google.com/search?q=https://doi.org/10.1353/eca.2015.0003&utm_source=gemini
https://www.google.com/search?q=https://doi.org/10.1086/260169&utm_source=gemini
https://www.google.com/search?q=https://doi.org/10.1086/260169&utm_source=gemini


 

 

  446 

10. Ryan Collins, J. (2018). Why can't you afford a home? Polity Press.  447 

  448 

11. Ryan Collins, J. (2019). Breaking the housing–finance feedback cycle: Macroprudential policy and 449 

land value capture. Environment and Planning A: Economy and Space, 53(1), 185– 202. 450 

https://doi.org/10.1177/0308518X19889088  451 

  452 

12.Stone, M. E. (2006). What is housing affordability? The case for the residual income 453 

approach. Housing Policy Debate, 17(1), 151–184. 454 

https://doi.org/10.1080/10511482.2006.9521564  455 

  456 

13.Wetzstein, S. (2017). The global urban housing affordability crisis. Urban Studies, 54(14), 457 

3159–3177. https://doi.org/10.1177/0042098017711649  458 

  459 

  460 

  461 

  462 

  463 

  464 

  465 

  466 

  467 

  468 

  469 

  470 

  471 

  472 

  473 

  474 

  475 

  476 

  477 

https://www.google.com/search?q=https://doi.org/10.1177/0308518X19889088&utm_source=gemini
https://www.google.com/search?q=https://doi.org/10.1177/0308518X19889088&utm_source=gemini
https://doi.org/10.1080/10511482.2006.9521564?utm_source=gemini
https://doi.org/10.1080/10511482.2006.9521564?utm_source=gemini
https://www.google.com/search?q=https://doi.org/10.1177/0042098017711649&utm_source=gemini
https://www.google.com/search?q=https://doi.org/10.1177/0042098017711649&utm_source=gemini
https://www.google.com/search?q=https://doi.org/10.1177/0042098017711649&utm_source=gemini


 

 

  478 

  479 

  480 

  481 

  482 

  483 


