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Consumer Traits Driving Social Commerce Purchase Intention in Cambodia.

ABSTRACT:

The rapid expansion of social commerce has transformed consumer purchasing behavior, particularly in emerging digital
economies. Although previous studies have primarily emphasized technological and platform-related determinants of purchase
intention, limited attention has been given to the role of consumers' inherent behavioral characteristics. Furthermore, the
moderating influence of price sensitivity remains underexplored in social commerce research. Addressing these gaps, this study
examines the effect of consumer behavioraltraits on purchase intention and investigates the moderating role of price sensitivity
among social commerce consumers in Phnom Penh, Cambodia.

Drawing on Trait Theory and the Theory of Planned Behavior, Consumer Behavioral Traits were conceptualized as a higher-order
construct comprising exploratory buying behavior, lifestyle, and perceived risk. A quantitative research design was adopted, and
data were collected from 272 valid respondents with prior social commerce purchasing experience in Phnom Penh using a
structured questionnaire with a five-point Likert scale. The proposed research model was analyzed using Partial Least Squares
Structural Equation Modeling (PLS-SEM).Consumer Behavioral Traits had a significant positive effect on Purchase Intention (B =
0.289, p < .001), while Price Sensitivity negatively moderated this relationship (B = -0.232, p < .001). The model explained 43% of
the variance in Purchase Intention.

The empirical findings reveal that Consumer Behavioral Traits exert a significant positive influence on purchase intention.
Consumers who exhibit stronger exploratory buying behavior, lifestyles compatible with digital shopping, and lower perceived
risk demonstrate greater intention to purchase through social commerce platforms. Moreover, price sensitivity negatively
moderates this relationship, indicating that the positive influence of Consumer Behavioral Traits on purchase intention becomes
weaker among highly pricesensitive consumers.

This study contributes to the social commerce literature by integrating exploratory buying behavior, lifestyle, and perceived risk
into a higher-order construct. The findings also provide practical implications for social commerce sellers in Cambodia by
highlighting the importance of combining engaging social media marketing strategies with competitive pricing and value-
oriented promotional activities to enhance consumers' purchase intention.

| KEYWORDS

Social commerce; Consumer behavioraltraits; Purchase intention; Price sensitivity; Exploratory buying;Perceived risk; Lifestyle;
Cambodia

1. Introduction

The rapidadvancement of information and communication technologies (ICTs), togetherwith the widespread adoption of
smartphones and social media platforms, has fundamentallytransformed the retaillandscape. Traditional e-commerce has
graduallyevolvedinto social commerce, an emerging business model thatintegrates commercial transactions with social
interaction, user-generated content, and online communities (Liang & Turban, 2011; Hajli 2015). Unlikeconventional e-
commerce, where transactions primarilyoccurthroughdedicated online shopping websites, social commerce enables consumers
to discover products, interactwithsellers, exchange opinions withpeers, and completepurchases directly within social networking
platforms such as Facebook, TikTok, Instagram, and Telegram. This convergence of social networking and online retailing has
significantlychangedconsumers’ information search, productevaluation, and purchasingprocesses.

The rapid expansion of social commerce has attractedincreasing attention frombothresearchers and practitioners. Recent digital
economy reports indicatethat social commerce has become one of the fastest-growingretail channels worldwide, particularly in
emergingeconomieswhere mobile internet usage and social media engagement continue to expand. In Southeast Asia, social
Copyright: © 2025 the Author(s). This article is an open access article distributed under the terms and conditions of the Creative Commons
Attribution (CC-BY) 4.0 license (https://creativecommons.org/licenses/by/4.0/). Published by Al-Kindi Centre for Research and Development,
London, United Kingdom.
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commerce has experiencedremarkablegrowth as consumersincreasinglyrely on livestream shopping, influencer marketing, and
peerrecommendations to makepurchasingdecisions (Google, 2024). Cambodia has similarlywitnessed a rapid transformation in
digital retailing, with Facebook Live, TikTok Shop, Messenger, and Telegram becoming major commercial platforms for small and
medium-sizedenterprises (SMEs). Consequently, understanding the factorsthat drive consumers’ purchase intention in social
commerce has becomeincreasingly important for bothacademicresearch and managerial practice.

Purchase intention has long been regarded as one of the strongestpredictors of actualpurchasingbehavior (Ajzen, 1991). Within
the context of social commerce, purchase intention representsconsumers’ willingness to purchaseproductsthrough social
networking platforms after  evaluatingavailable information, interactingwith online communities, and
receivingrecommendationsfrompeers, influencers, and sellers (Kim & Park, 2013; Chen & Shen, 2015). Consequently, identifying
the antecedents of purchase intention has become one of the primaryresearch objectives in social commerce literature.

Previousstudies have extensivelyexaminedtechnology-orienteddeterminants of purchase intention, includingperceivedusefulness,
perceivedease of use, trust, websitequality, social support, social influence, and information quality (Hajli, 2015; Dwivedi et al.,
2021; Leong et al., 2023). Most of thesestudies have adopted the Technology Acceptance Model (TAM)(Davis,1989), the Theory
of PlannedBehavior (TPB), or the Unified Theory of Acceptance and Use of Technology (UTAUT)(Venkatesh et al., 2003) to explain
consumer behavior. Althoughthesetheories have substantiallyenhanced the understanding of technology adoption,
recentsystematicreviewssuggestthattechnology-related variables alonecannotfullyexplainconsumers’
increasinglycomplexdecision-makingprocesses in social commerce environments (Leong et al., 2023). Consumer decisions are
alsoshaped by relatively stable behavioraltendenciesthat influence how individualssearch for information, evaluate alternatives,
respond to uncertainty, and engage in online shopping activities.

Accordingly, increasing attention has been directedtoward consumer behavioral traits, whichreflectconsumers’ habitual patterns
of thinking and behavingduringpurchasingdecisions (Solomon, 2020). Rather thanfocusingsolely on technologicalcharacteristics,
consumer behavioral traits emphasizepsychological and behavioraltendenciesthat influence purchasingbehavioracrossdifferent
shopping contexts. Among variousbehavioralcharacteristics, exploratorybuyingbehavior, lifestyle, and perceivedrisk have
consistently been identified as important determinants of online purchasingbehavior.

Exploratorybuyingbehaviordescribesconsumers’  tendency  to  seeknovelty,  experimentwithunfamiliarproducts,  and
enjoydiscovering innovative shopping experiences (Baumgartner &Steenkamp, 1996). Such consumers are generally more willing
to adoptemerging shopping technologies and participate in interactive retailenvironmentssuch as livestream shopping and
influencer marketing (Akram et al., 2021). Lifestyle, commonlyconceptualizedthrough the Activities—Interests—Opinions (AIO)
framework, reflectsconsumers’ dailyactivities, personalinterests, and value orientations thatshapeconsumptionpreferences
(Plummer, 1974). Consumersincreasingly select social commerce platforms that are consistent withtheir lifestyles and digital
habits (Dwivedi et al., 2021). In contrast, perceivedriskrepresentsconsumers’ perceptions of uncertaintyassociatedwith online
transactions, includingconcernsregardingproductquality, privacy, paymentsecurity, and financialloss (Featherman & Pavlouy,
2003).  Although  digital paymentsystems have becomeincreasinglysecure, perceivedrisk ~ continues  to
discourageconsumersfrommakingpurchasesthrough social commerce platforms, particularly in
developingeconomieswhereinstitutional trust remainsrelativelylimited (Sarker et al., 2025).

While thesebehavioralcharacteristics have been widelyexaminedindividually, theycollectivelyrepresentbroader consumer
behavioral traits thatmayprovide a more comprehensiveexplanation of purchase intention. Treatingexploratorybuyingbehavior,
lifestyle, and perceivedrisk as isolatedpredictorsmayoverlooktheircombined influence on consumers’ purchasingdecisions.
Therefore, conceptualizingthese dimensions as a higher-orderconstructoffers a more integrated perspective for understanding
consumer behavior in social commerce.

Another important factor thatmay influence consumer purchasingdecisionsispricesensitivity. Price sensitivityrefers to the degree
to whichconsumers alter theirpurchasingdecisions in response to pricedifferences, discounts, or promotionaloffers (Lichtenstein
et al, 1993). In social commerce environments, price information ishighly transparent, and promotionalactivitiessuch as flash
sales, livestream discounts, and platform coupons are frequentlyused to stimulatepurchasingbehavior. Consumerswith high
pricesensitivity are generally more responsive to price promotions and actively compare pricesacross multiple sellers,
whereasconsumerswithlowpricesensitivity place greateremphasis on productquality, convenience, and shopping experience
(Goldsmith & Newell, 1997). Consequently, consumerspossessingsimilarbehavioral traits mayexhibitdifferentlevels of purchase
intention becausetheyevaluateprice information differentlyduring the decision-making process.

Althoughpreviousstudies have identifiedpricesensitivity as an important predictor of consumer purchasingbehavior, it has
primarily been examined as an independentantecedent of purchase intention or purchasebehavior. Comparativelylittle attention

Page | 2



102
103
104
105
106
107
108
109
110
111
112
113
114
115
116
117
118
119
120
121
122
123
124
125
126
127
128
129
130
131

132

133
134
135
136
137
138
139

140
141
142
143
144
145
146
147

148
149
150
151
152
153

has been devoted to itsmoderatingrolewithin social commerce research. Specifically, existingstudies have
seldominvestigatedwhetherpricesensitivitystrengthens or weakens the influence of consumer behavioral traits on purchase
intention. Ignoringthismoderatingmechanismlimitsourunderstanding of
whyconsumerswithsimilarbehavioralcharacteristicsmayexhibitsubstantiallydifferentpurchasing intentions
whenconfrontedwithdifferentpricing conditions.

Furthermore, mostempiricalevidenceconcerning social commerce has been generatedfromtechnologicallyadvancedmarketssuch
as China, South Korea, India, and Indonesia (Leong et al., 2023; Sheikh et al, 2024). Comparativelylittleresearch has been
conducted in smalleremergingeconomiessuch as Cambodia, despite the rapidgrowth of social commerce adoption. Given the
increasing importance of social media platforms in Cambodian retailing, investigating consumer behavioral traits and
pricesensitivitywithinthiscontextmayprovidevaluabletheoretical and practical insights.

Accordingly, thisstudyconceptualizes consumer behavioral traits as a higher-
orderconstructcomprisingexploratorybuyingbehavior, lifestyle, and perceivedrisk, and examines its influence on consumers’
purchase intention toward social commerce. More importantly, thisstudy proposes thatpricesensitivitymoderates the
relationshipbetween consumer behavioral traits and purchase intention, suchthat the strength of thisrelationship varies
according to consumers’ sensitivity to price. By integrating consumer behavioral traits withpricesensitivityinto a
unifiedconceptualframework, thisstudyextendsexisting consumer behaviorliteraturebeyondtraditionaltechnology adoption
models and provides a more comprehensiveexplanation of purchase intention in social commerce.

This studycontributes to the literature in four ways. First, itconceptualizes consumer behavioral traits as a higher-
orderconstructconsisting of exploratorybuyingbehavior, lifestyle, and perceivedrisk. Second, itextends social commerce research
by shifting the focus fromtechnology-centereddeterminantstowardconsumers’  behavioralcharacteristics.  Third,
itintroducespricesensitivity as a moderating variable, providing new insights into how consumers’ price orientations strengthen
or weaken the relationshipbetween consumer behavioral traits and purchase intention. Finally, by
providingempiricalevidencefrom Phnom Penh, Cambodia, thisstudyenriches the literature on social commerce in
emergingeconomies and offerspractical implications for marketersseeking to design effective pricing and consumer engagement
strategies.

2.Literaturereview
2.1 Social Commerce and Purchase Intention

The rapidevolution of Web 2.0 technologies has transformedtraditionalelectronic commerce into a more interactive and
sociallyconnected business model known as social commerce. Liang and Turban (2011) first conceptualized social commerce as
an extension of e-commerce thatintegrates commercial transactions with social networking technologies, enablingconsumers
not only to purchaseproducts but also to communicate, exchange experiences, share opinions, and establish relationships
withsellers and otherconsumers. Unliketraditional e-commerce, wherepurchasingdecisionsmainlyrely on websitequality and
product information, social commerce emphasizes social interaction, user-generated content, online communities, and
collaborative decision-making.

The increasingpopularity of social media platforms has significantlyaccelerated the development of social commerce. Platforms
such as Facebook, Instagram, TikTok, YouTube, Telegram, and WhatsApp have graduallyevolvedfrom communication channels
into commercial marketplaces whereconsumers discover products, evaluate alternatives, communicatewithsellers, and
completepurchaseswithin the same platform. Hajli (2015) arguedthat social commerce creates value by combining technological
infrastructure with social interaction. Hisempiricalfindingsdemonstratedthat social commerce constructs—including online
forums, ratings and reviews, recommendations and referrals, and online communities—enhance consumer trust,
whichsubsequentlyincreasespurchase intention. This studyhighlightedthatconsumers’ purchasingdecisions are
increasinglyinfluenced by information generated by otherconsumers rather than by firmsalone.

Subsequentresearch further confirmed the importance of social interaction in shaping purchase intention. Kim and Park (2013)
examinedconsumersparticipating in social commerce and foundthat trust, perceivedusefulness, and social support significantly
influence consumers’ intention to purchasethrough social media platforms. Similarly, Lu et al. (2016) investigated the role of
social presence and reportedthat interactions betweenconsumers and sellerssignificantlyincrease trust, thereby improving
purchase intention. Theirfindingsindicatethat the social environment embedded within digital platforms
createspsychologicalcomfort, reducing consumers’ uncertaintyduring online purchasing.
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As social commerce continued to evolve, researchersshifted attention from platform characteristicstowardconsumers’ cognitive
and emotionalresponses. Hajli et al. (2017) foundthatconsumers’ familiaritywith social-commerce platforms, information-
seekingbehavior, and perceived social presencejointlystrengthen trust formation, whichsubsequentlypromotespurchase
intention. Yahia et al. (2018) likewisedemonstratedthatvendorreputation, social support, and
technologicalcharacteristicssignificantly influence consumers’ purchasingdecisions by increasingperceivedtrustworthiness.
Thesestudiesconsistentlysuggestthat trust serves as a critical psychologicalmechanismlinking social-commerce characteristics to
consumers’ purchase intention.

Recentdevelopments in livestream commerce have introducedadditional perspectives regardingpurchase intention. Sun et al.
(2019) foundthatlivestreamfunctions improve consumers’ perceptions of visibility, interactivity, and social presence,
therebystrengtheningpurchase intention. Wongkitrungrueng and Assarut (2020) similarlydemonstratedthatlivestream
interactions  facilitate  trust  building betweenconsumers and sellerswhileincreasingconsumers’  willingness  to
purchaseproductspromotedduring live broadcasts. Theirstudy further
indicatedthatconsumersevaluateproductsthroughsimultaneous observations of product demonstrations, seller communication,
and peer interactions, makingpurchase intention more sociallydriventhan in conventional e-commerce environments.

More recentsystematicreviews continue to support thesefindings. Dwivedi et al. (2021) arguedthat digital and social media
marketing have fundamentallytransformed consumer engagement by integrating commercial activitiesintoconsumers’ everyday
social interactions. Furthermore, Leong et al. (2023), usingmeta-analytic structural equation modeling, concludedthat trust, social
influence, social support, and perceivedbehavioral control remainamong the strongestdeterminants of social-commerce
purchase intention. Theirfindings further suggestthat intention remains the immediatepredictor of purchasingbehavior,
consistent with the Theory of PlannedBehavior (Ajzen, 1991).

Althoughpreviousstudies have substantiallyadvanced the understanding of social-commerce purchase intention,
mostresearchprimarilyemphasizes platform characteristics, technologicalattributes, trust, and social interaction. Comparatively
less attention has been devoted to consumers’ intrinsicbehavioralcharacteristicsthat influence how individualsrespond to
identical social-commerce environments. Consumersexposed to the same platform, identical information, and
similarpromotionalactivitiesoftenexhibitconsiderablydifferentpurchase intentions because of differences in
theirbehavioraltendencies, personal lifestyles, and perceptions of uncertainty. Consequently, investigating consumer behavioral
traits provides an alternative perspective for explainingpurchase intention beyondtechnology-oriented approaches.

2.2 Consumer Behavioral Traits

Consumer  behavior has long been recognized as a complexpsychological process influenced by
bothexternalenvironmentalfactors and internalpersonalcharacteristics. While marketing research has traditionallyfocused on
external stimuli such as advertising, pricingstrategies, and technologicalfeatures, contemporary consumer
behaviorliteratureincreasinglyemphasizes the role of individual behavioraltendencies in explainingpurchasingdecisions (Solomon,
2020). Theserelatively stable tendencies, referred to in thisstudy as consumer behavioral traits, influence how consumerssearch
for information, evaluateproducts, perceiveuncertainty, and ultimatelydecidewhether to purchase.

Trait-based  theories  argue  thatconsumers do not responduniformly to identical  marketing  stimuli
becauseindividualspossessdifferentpsychologicalcharacteristics, ~ motivations, and  consumption  orientations.  Rather
thantreatingpurchasingbehavior as purelysituational, trait theory suggests thatenduringbehavioral dispositions significantly
influence consumers’ decision-makingprocessesacrossdifferent shopping contexts.

Existingliterature  has  examinedseveralbehavioralcharacteristicsindividually. ~ Baumgartner and  Steenkamp  (1996)
conceptualizedexploratorybuyingbehavior ~as  consumers’ tendency to seeknovelty, variety, and stimulation
throughconsumptionexperiences. Consumers exhibiting strongerexploratorytendenciesactivelysearch for unfamiliarproducts,
compare innovative alternatives, and enjoydiscovering new shopping opportunities. Thesebehaviors are particularlyevident in
digital retailenvironmentswhereconsumers continuously encounter new productsthrough personalized recommendations and
algorithm-driven content.

Another important behavioralcharacteristicis lifestyle. Plummer (1974) proposedthatconsumers’ Activities, Interests, and Opinions
(AlIO) providecomprehensive insights intotheirconsumptionbehavior. Lifestyle reflects how consumers allocate time, express
personal values, and integrate consumptionintotheirdaily routines. Unlikedemographiccharacteristics, lifestyle captures
consumers’ psychological orientation towardproducts, brands, and consumptionactivities.
Consumerspossessingsimilardemographic profiles maythereforedemonstratesubstantiallydifferentpurchasingbehaviorsbecause
of differences in lifestyle.
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A third important behavioralcharacteristicconcernsperceivedrisk. Featherman and Pavlou (2003) arguedthatconsumersevaluate
multiple dimensions of uncertainty before adoptingelectronic services, includingfinancial, performance, privacy, social,
psychological, and time risks. Consumerswhoperceivegreateruncertaintygenerallyexhibitlowerwillingness to
purchasebecausetheyanticipate  potential  negativeconsequencesassociatedwith ~ online  transactions.  This  issue
becomesparticularly important in social commerce whereproductquality, seller credibility, paymentsecurity, and return policies
mayvaryconsiderablyacross individual sellers.

Althoughexploratorybuyingbehavior, lifestyle, and perceivedrisk have frequently been investigatedindependently,
thesecharacteristicscollectivelyrepresentbroader ~ consumer  behavioraltendenciesthat  influence  purchasingdecisions.
Exploratorybuyingbehaviorexplainsconsumers’ opennesstowardnovel shopping experiences; lifestyle reflects compatibility
between  shopping behavior and everyday routines; perceivedrisk  captures consumers’  tolerance for
uncertaintyduringpurchasingdecisions. Together, these dimensions provide a more comprehensiveexplanation of consumer
behaviorthanisolatedconstructs.

Recentmethodologicaldevelopments further support integratingthese dimensions intohigher-orderconstructs. Sarstedt et al.
(2019) suggestedthathigher-orderconstructs enable researchers to representmultidimensionaltheoretical concepts more
effectivelywhile reducing model complexity. Similarly, Hair et al. (2022) emphasizedthatmultidimensional consumer
constructsshould be conceptualizedaccording to theoretical relationships among first-order dimensions rather
thanpurelystatisticalconsiderations.

Accordingly, thisstudyconceptualizes Consumer Behavioral Traits (CBT) as a higher-orderconstructconsisting of
ExploratoryBuyingBehavior, Lifestyle, and Perceived Risk. Rather thanexaminingthesethreecharacteristicsindependently, the
proposedframework assumes thattheyjointlyrepresentconsumers’ overallbehavioral orientation toward social-commerce
purchasing. This  higher-orderconceptualizationprovides a more integratedexplanation of purchase intention
whileextendingexisting social-commerce literaturebeyondtechnology-centered perspectives.

2.2.1ExploratoryBuyingBehavior

Exploratorybuyingbehaviorrefers  to  consumers’ tendency to seeknovelty, variety, curiosity, and stimulation
duringpurchasingactivities. ~ Consumers  exhibiting  strong  exploratorytendenciesenjoydiscoveringunfamiliarproducts,
experimentingwith new brands, and experiencing innovative shopping environments. Unlikeutilitarianconsumers,
whoprimarilyseek efficient solutions to predeterminedpurchasingneeds, exploratoryconsumersoftenderiveenjoymentfrom the
shopping process itself.

The concept of exploratory consumer behaviorwasinitiallyproposed by Raju (1980), whodescribedexploratorybehavior as
consumers’ tendency to seek stimulation throughvarietyseeking, information search, curiosity, and innovativeness.
Hisstudysuggestedthatexploratoryconsumersintentionally expose themselves to unfamiliar marketplace
experiencesbecausenoveltyprovidesintrinsic satisfaction beyond the functional value of products.

Building uponthis perspective, Baumgartner and Steenkamp (1996) developed a comprehensiveconceptualization of Exploratory
Consumer BuyingBehavior (ECB). They distinguishedbetweenexploratory information seeking and exploratoryproduct acquisition.
Exploratory information seekinginvolves browsing products, readingreviews, comparing alternatives, and collecting marketplace
information withoutimmediatepurchasing intentions. Exploratoryproduct acquisition refers to consumers’ willingness to
purchaseunfamiliarproducts, switch brands, and experimentwith innovative alternatives. Theirvalidated ECB scale has
sincebecome one of the mostwidelyadoptedmeasures of exploratorybuyingbehavior in consumer research.

Subsequentstudies further emphasized the importance of consumer innovativeness. Manning et al. (1995) arguedthat innovative
consumersactivelysearch for product information and are generallyamong the earliestadopters of new products and

technologies. Roehrich (2004) similarlysuggestedthatinnovativenessrepresents a stable individual
characteristicinfluencingconsumers’ acceptance of new products and shopping channels. Consumers exhibiting
greaterinnovativenessgenerallydemonstratestrongerwillingness to experimentwithemergingretail technologies and

unfamiliarpurchasing methods.

The emergence of social commerce provides an ideal environment for exploratoryconsumers. Unliketraditional online shopping
websites, social-commerce platforms continuously expose consumers to personalized recommendations, livestream
demonstrations, influencer endorsements, short-form videos, and user-generated content.
Consumersfrequentlyencounterproductsthattheyhad not originallyintended to search for, makingexploratorybehavior an integral
component of social-commerce purchasing.
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Empiricalevidence ~ supports  this  argument. Sun et al.  (2019)  demonstratedthatlivestream  shopping
significantlyenhancesconsumers’ curiosity and product exploration by increasingvisibility, interactivity, and entertainment value.
Wongkitrungrueng and Assarut (2020) likewisefoundthatlivestream interactions encourage consumers to explore
unfamiliarproductswhilesimultaneouslystrengthening trust in sellers. Akram et al. (2021) further
reportedthatconsumerspossessinggreaterinnovativeness and strongerexploratorytendenciesexhibitsignificantlyhigherpurchase
intention in social-commerce environments.

Nevertheless, existingstudies have primarilyexaminedexploratorybuyingbehavior as an independentpredictor of purchase

intention. Comparativelylittle attention has been devoted to understanding how
exploratorybuyinginteractswithotherbehavioralcharacteristics, such as lifestyle and perceivedrisk, to influence consumers’
purchasingdecisions. Therefore, the presentstudyintegratesexploratorybuyingbehaviorwithin a broaderhigher-

orderconstructrepresenting consumer behavioral traits, therebyproviding a more comprehensiveexplanation of social-commerce
purchase intention.

2.2.2Lifestyle

Lifestyle has long been recognized as one of the most important psychographic variables for explaining consumer behavior.
Unlikedemographiccharacteristicssuch as age, gender, education, or income, lifestyle reflects how individuals allocate their time,
express theirinterests, pursuepersonal values, and organizetheirdailyactivities (Plummer, 1974). Consequently, lifestyle provides a
more comprehensiveunderstanding of consumers’ purchasingbehaviorbecauseit captures bothpsychological and behavioral
dimensions of consumption.

The concept of lifestyle was first introducedinto marketing researchthroughpsychographicanalysis. Wells and Tigert (1971)
arguedthatconsumerswithsimilardemographiccharacteristicsoftenexhibitsubstantiallydifferentpurchasing patterns because of
differences in theiractivities, interests, and opinions (AlO). Building uponthis perspective, Plummer (1974) proposedthat lifestyle
reflectsconsumers’ ways of living rather thansimplydescribingtheirsocioeconomiccharacteristics. Lifestyle therefore enables
marketers to understandwhyconsumerschooseparticularproducts, brands, and shopping channels
beyondtraditionaldemographic segmentation.

Lifestyle has becomeincreasingly important within digital retailing. Swinyard and Smith (2003) compared online
shopperswithtraditionalshoppers and foundthat online consumersgenerallypossess distinctive psychographic profiles
characterized by convenience orientation, time consciousness, innovativeness, and positive attitudes towardtechnology.
Thesefindingssuggestthatconsumers’ shopping preferences are stronglyassociatedwiththeirdaily routines and personal lifestyles
rather thanwithdemographiccharacteristicsalone.

The rapiddevelopment of social media has further strengthened the relationshipbetween lifestyle and shopping behavior. Social
networking platforms have becomeintegratedintoconsumers’ daily communication, entertainment, information search, and
purchasingactivities. Appel et al. (2020) arguedthat social media has transformed marketing by embedding commercial
interactions withinconsumers’ everyday lifestyles. Instead of treating shopping as a separate activity, consumersincreasingly
discover productswhile browsing entertainment content, communicatingwithfriends, or followinginfluencerswhose lifestyles
resembletheirown.

Similarly, Dwivedi et al. (2021) suggestedthat digital marketing has fundamentallyaltered consumer engagement by integrating
commercial information intoconsumers’ daily online routines. Consumersfrequentlyencounterproductrecommendations,
influencer demonstrations, livestream shopping events, and user-generatedreviewswithoutintentionally searching for products.
Consequently, purchasingbehaviorbecomescloselyintertwinedwithconsumers’ digital lifestyles.

Lifestyle also influences symbolicconsumption. Solomon (2020) emphasizedthatconsumersfrequentlypurchaseproducts not
onlybecause of functionalbenefits but alsobecauseproductscommunicateidentity, social status, and personal values. Social
commerce strengthensthissymbolicfunctionbecauseconsumers are continuously exposed to influencers, online communities, and
peer-generated  content  thatreinforceparticularconsumption lifestyles.  Productspurchasedthrough  social media
thereforeoftenrepresent expressions of consumers’ desiredidentities rather thanpurelyfunctionalchoices.

Empiricalstudies further support the relationshipbetween lifestyle and online purchasingbehavior. Kim and Park (2013)
foundthatconsumersactivelyparticipating in social networking environments are more likely to develop favorable attitudes
toward social commerce. Wongkitrungrueng and Assarut (2020) similarlyreportedthatconsumerswhofrequently engage
withlivestream content demonstratestrongerpurchasing intentions because shopping activitiesbecomeintegratedintotheirdaily
entertainment habits.
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However, previousstudiesgenerally examine lifestyle as an independentpredictor of online purchasingbehavior.
Comparativelylittleresearch has explored lifestyle togetherwithexploratorybuyingbehavior and perceivedrisk as complementary
dimensions of a broaderbehavioral orientation. Since lifestyle shapesconsumers’ familiaritywith digital technology,
communication preferences, and consumption habits, integrating lifestyle into a higher-order consumer behavioral traits
constructmayprovide a more comprehensiveexplanation of purchase intention in social commerce.

2.2.3Perceived Risk

Perceivedriskis one of the mostextensivelystudied concepts in consumer behavior and online shopping research. Unlike objective
risk, perceivedriskreflectsconsumers’ subjective expectations regarding potential
negativeconsequencesassociatedwithpurchasingdecisions (Cunningham, 1967).
Becauseconsumerscannotperfectlyevaluateproductquality, seller credibility, or transaction outcomes before purchasing, theyrely
on subjective risk perceptions whendecidingwhether to complete a purchase.

Within electronic commerce, perceivedrisk has consistently been identified as one of the strongestbarriers to consumer
adoption. Pavlou (2003) arguedthat online transactions inherentlyinvolveuncertaintybecause buyers
cannotphysicallyinspectproducts,  directly  evaluatesellers, or immediatelyreceivepurchased items.  Consequently,
consumersfrequentlyperceivegreateruncertaintywhenpurchasing online than in traditionalretailenvironments.

Featherman and Pavlou (2003) further extendedthis perspective by conceptualizingperceivedrisk as a multidimensionalconstruct.
Theirframeworkidentifiedseveral dimensions of risk, includingfinancialrisk, performance risk, privacyrisk, psychologicalrisk, social
risk, time risk, and overallrisk. Theirempiricalfindingsdemonstratedthatdifferentforms of perceivedrisksignificantly reduce
consumers’ willingness to adoptelectronic services.

Subsequentstudiesconsistentlysupportedthesefindings. Forsythe et al. (2006) foundthatproduct-performance risk, financialrisk,
and psychologicalrisksignificantly influence consumers’ online shopping decisions.
Consumerswhoanticipategreateruncertaintyregardingproductquality, paymentsecurity, or delivery performance
generallyexhibitlowerpurchase intention. Similarly, Kim ‘et al. (2008) demonstratedthat trust reducesperceivedrisk and
indirectlyincreasesconsumers’ online purchasingbehavior.

Perceivedriskbecomeseven more important within social commerce because transactions frequentlyinvolve individual sellers,
livestream demonstrations, influencer recommendations, and informal communication channels. Unlike established e-commerce
platforms, many social-commerce transactions occurthrough social networking applications where seller verification,
productquality, and return policies mayvaryconsiderably. Consequently, consumersmay question whetherproductswill
correspond with online descriptions, whetherpaymentsaresecure, or whethersellerswillfulfilltheircommitments.

Recentresearchconfirmsthat trust remains the primarymechanism for reducing perceivedriskwithin social commerce. Hajli et al.
(2017) demonstratedthat platform familiarity, information seeking, and social presence reduce uncertainty by strengthening
consumer trust. Lu et al. (2016) similarlyfoundthat interactions betweenconsumers and sellers enhance perceptions of credibility,
thereby reducing consumers’ concernsregarding transaction risk.

Livestream commerce has introducedadditionalmechanisms for reducing uncertainty. Wongkitrungrueng and Assarut (2020)
reportedthat real-time product demonstrations and interactive communication allowconsumers to evaluateproducts more
effectively before purchasing. By enablingimmediateresponses to consumers’ questions, livestreamsellers reduce information
asymmetry and increaseperceived transparency. Consequently, consumersperceivelower transaction risk and become more
willing to purchaseproductspromotedthroughlivestreamevents.

Despitethesedevelopments, perceivedrisk continues to influence consumer decision-making. Sarker et al. (2025)
arguedthatconsumers  in  emergingeconomiesremainhighlyconcerned  about  paymentsecurity,  productauthenticity,
grievanceresolution, and seller credibility. Theseconcerns are particularly relevant in developing countries whereinstitutional
protection and consumer protection mechanismsmay be less developedthan in mature markets.

Previousstudies have  predominantlyexaminedperceivedriskindependentlyfromotherbehavioralcharacteristics. However,

consumersrarelyevaluateuncertainty in isolation. Individualswhoenjoyexploring new
productsmaysimultaneouslytoleratehigherlevels of uncertainty, whereasconsumerswith conservative lifestyles
mayperceivesubstantiallygreaterriskduringidenticalpurchasing situations. Therefore, perceivedriskshould be

understoodtogetherwithexploratorybuyingbehavior and lifestyle as part of consumers’ broaderbehavioral orientation.
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From a theoretical perspective, perceivedriskrepresents the uncertainty-management component of consumer behavioral traits.
Consumers exhibiting lowerperceivedrisk—or greatertolerance for uncertainty—are generally more willing to engage in social-
commerce purchasingbecausetheyanticipatefewernegativeconsequencesassociatedwith  online  transactions.  Conversely,
consumerswithhigherperceivedrisk are more likely to postponepurchasing, search for additional information, or choose
established retailers rather than social-commerce sellers.

Accordingly, integratingperceivedriskinto the higher-orderconstruct of Consumer Behavioral Traits provides a more
comprehensiveunderstanding of how consumersevaluate social-commerce purchasingopportunities. Rather than acting
independently, perceivedriskinteractswithconsumers’ exploratorytendencies and lifestyle orientations to shapeoverallpurchase
intention.

2.3 Consumer Behavioral Traits and Purchase Intention

Purchase intention has long been regarded as one of the strongestpredictors of actualpurchasingbehavior in consumer research.
According to the Theory of PlannedBehavior (TPB), behavioral intention reflects an individual'smotivationalreadiness to perform
a specificbehavior and represents the mostimmediateantecedent of actualbehavior (Ajzen, 1991). Consumersgenerally form
purchase intentions after evaluatingavailable information, considering potential  benefits and risks, and
assessingwhetherpurchasingalignswiththeir attitudes, subjective norms, and perceivedbehavioral control. Consequently,
understanding the antecedents of purchase intention remains a central objective in both marketing and consumer
behaviorresearch.

Although TPB emphasizes cognitive evaluations and social influence, scholars have increasinglyarguedthatconsumers’
behavioraltendenciesalsoplay a fundamentalrole in shaping purchase intention. Individualsdifferconsiderably in the waythey
process marketplace information, respond to uncertainty, seeknovelexperiences, and evaluatepurchasingopportunities.
Theserelatively stable differencescannot be fullyexplained by technologicalcharacteristics or situationalfactorsalone. Instead,
theyreflectenduringbehavioral traits that influence consumers’ purchasingdecisionsacrossdifferentretailenvironments (Solomon,
2020).

Trait Theory provides an appropriatetheoreticalfoundation for explainingthese individual differences. Trait Theory
assumesthatrelatively stable psychologicalcharacteristics influence individuals' attitudes and behaviorsacrossdifferent situations.
In consumer research, thesecharacteristics are reflectedthroughconsumers’ shopping orientations, innovativeness, risktolerance,
and lifestyle preferences, all of which affect how consumerssearch for information, evaluate alternatives, and
makepurchasingdecisions (Baumgartner &Steenkamp, 1996). Consequently, consumerspossessingdifferentbehavioral traits are
likely to responddifferentlyevenwhenexposed to identical social-commerce environments.

In social commerce, consumer behavioral traits becomeparticularly important becausepurchasingdecisionsoccurwithinhighly
interactive, information-rich, and sociallydynamicenvironments. Unliketraditionalretailing, consumers are simultaneouslyexposed
to livestream demonstrations, influencer recommendations, customer reviews, personalized productrecommendations, and real-
time interactions  withsellers.  Such  environmentsprovideabundantopportunities  for  consumers to  explore
unfamiliarproductswhilesimultaneouslyrequiringthem  to  evaluateuncertain  information.  Consequently, ~ consumers’
exploratorytendencies, lifestyles, and perceptions of riskcollectively influence theirwillingness to purchasethrough social media
platforms.

Among these  dimensions,  exploratorybuyingbehaviorrepresentsconsumers’  motivation to  seeknovelty  and
varietyduringpurchasingactivities. Raju (1980) arguedthatexploratoryconsumersintentionallypursue stimulation through
information search, experimentation, and curiosity. Building uponthis perspective, Baumgartner and Steenkamp (1996)
proposedthatexploratoryconsumersactivelysearch for unfamiliarproducts and willinglyexperimentwith new
consumptionexperiences. Thesebehavioraltendencies are highly compatible with social commerce because social-media
platforms continuously expose consumers to innovative products, livestreamevents, and algorithm-generatedrecommendations.
Consumerspossessingstrongerexploratorytendenciestherefore have greateropportunities to discover productsthat match
theirinterests, increasingtheirlikelihood of developingpurchase intention.

Empiricalevidenceconsistently supports thisrelationship. Manning et al. (1995) foundthat innovative consumersactivelysearch for
information and demonstrategreaterwillingness to adopt new products. Roehrich (2004) similarlyreportedthat consumer
innovativenesssignificantlypredictsconsumers’ acceptance of emergingretail innovations. More recently, Sun et al. (2019)
foundthatlivestream  shopping  environmentsstimulateconsumers’  curiosity —and  exploratorybehaviorthroughvisual
demonstrations and interactive communication. Wongkitrungrueng and Assarut (2020) further demonstratedthatlivestream
interactions encourage consumers to discover unfamiliarproductswhilesimultaneouslystrengthening trust, resulting in
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strongerpurchase intention. Collectively, thesefindingssuggestthatexploratorybuyingbehaviorfacilitatesconsumers’ willingness to
engage with social-commerce environments.

Lifestyle constitutesanother important component of consumer behavioral traits. Lifestyle reflectsconsumers’ dailyactivities,
interests, values, and consumption habits thatshape how theyinteractwith digital technologies and shopping platforms
(Plummer, 1974). Consumerswhose lifestyles emphasize digital engagement, convenience, entertainment, and social interaction
are more likely to perceive social commerce as compatible withtheir everyday routines. Unliketraditional shopping channels
thatrequirededicatedpurchasingactivities, social commerce enables consumers to integrate shopping with communication,
entertainment, and information seeking. Consequently, consumerspossessingdigitallyoriented lifestyles are more likely to
develop favorable attitudes towardpurchasingthrough social media.

Severalempiricalstudies ~ support  this  argument.  Swinyard and  Smith  (2003)  demonstratedthat  online
shoppersdifferfromconventionalshoppers in theirpsychographic profiles, technological orientation, and shopping preferences.
Appel et al. (2020) further arguedthat social media has transformedconsumers’ lifestyles by integrating marketing activitiesinto
everyday communication and entertainment. Dwivedi et al. (2021) likewisesuggestedthat digital marketing increasinglyembeds
commercial information withinconsumers' daily online experiences, therebystrengthening consumer engagement. Within social
commerce  specifically, ~Kim and Park (2013) foundthat active participation in  social  networking
environmentssignificantlyincreasesconsumers’  purchase intention.  Thesefindingsindicatethat lifestyle  compatibility
enhancesconsumers’ willingness to purchaseproductsthrough social-commerce platforms.

The third dimension, perceivedrisk, captures consumers’ evaluation of uncertaintyassociatedwithpurchasingdecisions.
Unlikeexploratorybuyingbehavior and lifestyle,  perceivedriskgenerallydiscouragespurchasingbecauseconsumersanticipate
potential financial, functional, psychological, or privacy-relatedlosses (Featherman & Pavlou, 2003). Nevertheless,
perceivedriskremains an indispensable component of consumer behavioral traits becauseconsumersdiffersubstantially in
theirtolerance for uncertainty. Consumers exhibiting greatertolerance for uncertainoutcomes are generally more willing to
purchaseproductsthroughemerging shopping channels such as social commerce.

Numerous studies have confirmed the importance of perceivedrisk in online purchasing. Paviou (2003)
demonstratedthatuncertaintysignificantlyreducesconsumers’ willingness to participate in electronic commerce. Featherman and
Pavlou (2003) further showedthat multiple dimensions of perceivedrisknegatively influence consumers’ adoption of electronic
services. Similarly, Kim et al. (2008) foundthat trust reducesperceivedrisk and indirectlyenhances online purchase intention.
Within social commerce, Hajli et al. (2017) reportedthat social presence and platform familiarity reduce uncertainty by
strengthening trust. Lu et al. (2016) likewisedemonstratedthat interactions betweenconsumers and sellers reduce
perceivedriskwhileincreasingpurchase intention. Thesestudiesconsistentlysuggestthatconsumers exhibiting lowerperceivedrisk
are more likely to translate favorable behavioralcharacteristicsintoactualpurchase intention.

Althoughexploratorybuyingbehavior, lifestyle, and perceivedrisk have individuallydemonstrated significant relationships
withpurchase intention, existingliterature has predominantlyexaminedthese variables separately. Such an approachoverlooks the
possibilitythatthesecharacteristicsjointlyrepresent a broaderbehavioral orientation influencingconsumers’ purchasingdecisions.
Consumersrarelyevaluate  shopping  opportunities  based  upononly one  psychologicalcharacteristic.  Instead,
purchasingdecisionsemergefrom the interaction betweenconsumers’ desire for novelty, compatibility withtheirdaily lifestyles, and
tolerance for uncertainty. Therefore, integratingthese dimensions into a higher-orderconstructprovides a more
comprehensiveexplanation of purchase intention thanexaminingeach dimension independently.

The higher-orderconstruct perspective issupported by recentmethodologicalliterature. Sarstedt et al. (2019)
arguedthatmultidimensionalconstructsbetter capture complexbehavioralphenomenabecausethey integrate conceptuallyrelated
dimensions into a more parsimonioustheoreticalframework. Hair et al. (2022) similarlyemphasizedthathigher-orderconstructs
improve explanatory power while reducing model complexitywhen first-order dimensions
collectivelyrepresentbroadertheoretical concepts. In the presentstudy, exploratorybuyingbehavior, lifestyle, and perceivedrisk are
conceptualized as complementary dimensions thatcollectivelydefineconsumers’ overallbehavioral orientation toward social-
commerce purchasing.

Furthermore, thisintegrated perspective contributes to the social-commerce literature by extendingbeyondexistingtechnology-
centeredmodels. Previousstudies have largelyemphasized platform quality, trust, perceivedusefulness, and social influence as
primarydeterminants of purchase intention (Hajli, 2015; Kim & Park, 2013; Leong et al., 2023). While these variables explain how
technological and social environments influence purchasingbehavior,
theyprovidecomparativelylimitedexplanationsregardingwhyconsumersexposed to
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identicalenvironmentsoftenexhibitsubstantiallydifferentpurchase intentions. By incorporating consumer behavioral traits, the
presentstudyintroduces an individual-levelexplanationthatcomplementsexistingtechnology-orientedresearch.

The proposedrelationshipisparticularly relevant in emergingmarketssuch as Cambodia, where social commerce has
expandedrapidlythrough ~ Facebook, TikTok, Telegram, and other social-media platforms. Consumers in
thesemarketsfrequentlyencounterinformalsellers, livestream promotions, and highly competitive digital marketplaces. Under
such conditions, individual behavioralcharacteristicsbecomeincreasingly important becauseconsumers must continuously
evaluateunfamiliarproducts, assess seller credibility, and toleratevaryinglevels of transaction uncertainty. Consumers exhibiting
strongerexploratorytendencies, digitally compatible lifestyles, and lowerperceivedrisk are thereforeexpected to
demonstratestrongerpurchase intention toward social commerce.

Based on the abovetheoretical arguments and empiricalevidence, thisstudy proposes that consumer behavioral traits positively
influence consumers’ purchase intention in social commerce. Consumerspossessingstrongerexploratorybuyingtendencies,
lifestyles compatible with digital shopping, and lowerperceivedrisk are expected to exhibitgreaterwillingness to
purchaseproductsthrough social-commerce platforms.

H1: Consumer behavioral traits positively influence consumers’ purchase intention toward social commerce.
2.4 Price Sensitivity

Price has long been recognized as one of the mostinfluentialdeterminants of consumer decision-makingbecauseitrepresents not
only the monetarycost of acquiring a product but also an important signal of value, quality, and economic sacrifice (Monroe,
1990). However, consumersdifferconsiderably in the degree to whichprice influences theirpurchasingdecisions. These individual
differences are commonlyconceptualized as pricesensitivity, referring to consumers’ tendency to respond to changes in
productpriceswhenmakingpurchasingdecisions (Lichtenstein et al., 1993).

Lichtenstein et al. (1993) arguedthatconsumersinterpretpricesdifferentlyaccording to theirpersonal value systems. Some
consumers are highlypriceconscious and actively compare prices before makingpurchasingdecisions, whereasothers place
greateremphasis on  convenience, productquality, brand reputation, or shopping experience. Consequently,
identicalpricingstrategiesmay generate substantiallydifferentpurchasingresponsesamongconsumers.

Price sensitivity has receivedincreasing attention in electronic commerce because digital technologies substantially reduce
consumers’ search costs. Online platforms allowconsumers to compare pricesacross numerous sellerswithin seconds,
makingprice information more transparent than in traditionalretailenvironments. As a result, consumers can easily evaluate
alternative offers and identify the mosteconomically attractive purchasing option. Wakefield and Inman (2003)
demonstratedthatpricesensitivity varies acrossconsumption situations, suggestingthatconsumers’ responses to pricedepend on
contextualcharacteristics rather thansolely on stable personalpreferences.

Social commerce further intensifies thisphenomenon. Unlikeconventional e-commerce websites, social commerce combines
product promotion with real-time interaction, influencer marketing, livestream demonstrations, and limited-time promotional
campaigns. Consumers are frequentlyexposed to flash sales, exclusive discounts, promotional coupons, free shipping, and
bundledpricingstrategieswhilesimultaneouslycommunicatingwithsellers. Such environmentsincreaseconsumers’ awareness of
pricedifferences and encourage continuouspricecomparisonsacrosscompetingsellers.

Empiricalevidence supports the importance of pricesensitivity in digital purchasing. Goldsmith and Newell (1997) reportedthat
consumer innovativenessdoes not necessarily reduce priceconsciousnessbecause innovative consumers continue to
evaluateproductsaccording to theirperceived value. Consumersmay be interested in purchasing innovative
productswhilesimultaneouslyseekinglowerprices or greatereconomic value.

Within social commerce, Wongkitrungrueng and Assarut (2020) foundthatpromotionalpricingsignificantlyenhancesconsumers’
purchase intention duringlivestream shopping events. Theirfindingssuggestthatconsumerssimultaneouslyevaluateproductquality,
seller credibility, and promotionalattractiveness before makingpurchasingdecisions. Likewise, Akram et al. (2021)
reportedthatperceived value and economicconsiderationsremain important determinants of purchase intention evenwhen trust
and social interaction are present.

More recently, Leong et al. (2023) concludedthrough a meta-analysisthatperceived value remains one of the strongestpredictors
of consumers’ behavioral intention in social commerce. Theirfindingsindicatethatalthoughtechnologicalcharacteristicsfacilitate
consumer engagement, purchasingdecisions continue to dependheavily on consumers’ evaluations of economicbenefits.
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Similarly, studiesconducted in emergingeconomies have demonstratedthatconsumers are generally more responsive to price
changes becausepurchasingdecisions are constrained by disposableincome and increasing market competition (Sarker et al,
2025).

Cambodiarepresents an appropriatecontext for examiningpricesensitivitybecause social-commerce platforms such as Facebook,
TikTok, and Telegram facilitate intense price competition among individual sellers. Consumersfrequently compare
identicalproductsoffered by differentsellerswhileconsideringpromotional discounts, delivery fees, and bundledoffers.
Consequently, pricesensitivityisexpected to influence how consumersevaluatepurchasingopportunitieswithin Cambodian social
commerce.

Despitesubstantialevidenceregarding the direct influence of pricesensitivity on purchasingbehavior, relativelylimitedresearch has
examineditsrole as a moderating variable. Existingstudies have generally treated pricesensitivity as an independentpredictor
rather thaninvestigating how it changes the relationshipbetweenconsumers’ behavioralcharacteristics and purchase intention.
Therefore, the presentstudyextendspreviousliterature by proposingpricesensitivity as a boundary condition influencing the
relationshipbetween consumer behavioral traits and purchase intention.

2.5 The ModeratingRole of Price Sensitivity

Consumer behaviorisrarelydetermined by a single psychologicalcharacteristic. Instead, purchasingdecisionstypically result from
the interaction between individual characteristics and situationalfactors. Contemporary consumer
behaviortheoriesthereforerecommendexaminingmoderating variables thatexplainwhen and underwhat conditions relationships
becomestronger or weaker (Baron & Kenny, 1986).

In the presentstudy, pricesensitivityisproposed as a boundary condition influencing the relationshipbetween consumer
behavioral traits and purchase intention. Althoughconsumersmaypossess favorable behavioralcharacteristics, theirwillingness to
purchasemaystilldepend on how theyevaluateproductprices.

Consumers  exhibiting strong exploratorybuyingbehaviorgenerallyenjoydiscovering innovative products  and
experimentingwithunfamiliar shopping experiences (Baumgartner &Steenkamp, 1996). Nevertheless, highlyprice-sensitive
consumersmay continue searching for alternative sellerswhenpricesexceedtheir expectations. Even if consumers are interested in
a product, excessive priceconsciousnessmaydiscourageimmediatepurchasingdecisions.

Similarly, consumerswhose lifestyles are highly compatible with social media frequentlyencounter shopping opportunitieswhile
engaging in everyday online activities (Appel et al, 2020). Theseconsumersoftenperceive social commerce as convenient,
entertaining, and compatible withtheirdaily routines. However, lifestyle compatibility alonemay not guaranteepurchase intention
if consumersperceiveprices to be unreasonable or inconsistentwithexpected value.

Perceivedriskdemonstrates a similar interaction. Consumers exhibiting
relativelylowperceivedriskgenerallyfeelcomfortablepurchasingthrough social-commerce platforms
becausetheyanticipatefewernegativeconsequences (Featherman & Pavlou, 2003). Nevertheless, evenconsumerswith high trust
maypostponepurchaseswhenpricesappear excessive relative to competing alternatives. Thus, favorable behavioralcharacteristics
do not necessarily translate intopurchasingdecisionsunlessconsumersalsoperceive acceptable economic value.

This argument is consistent with Transaction Utility Theory, which proposes thatpurchasingdecisionsdepend not only on product
utility but also on consumers’ evaluation of the economicattractiveness of a transaction (Thaler, 1985). Consumers compare
actualpriceswithinternalreferenceprices and evaluatewhetherpurchasingrepresents a favorable transaction. Likewise, Prospect
Theory suggests thatconsumersevaluate gains and losses relative to reference points rather thanabsoluteoutcomes (Kahneman
& Tversky, 1979). Consequently, consumers exhibiting high pricesensitivitymayperceiveidenticalpricesdifferentlyfromconsumers
exhibiting lowerpricesensitivity.

The moderatingrole of pricesensitivity has receivedincreasing support within digital retailing. Wakefield and Inman (2003)
arguedthatconsumers’ responsiveness to prices varies according to contextual conditions and purchasing situations. Goldsmith
and Newell (1997) similarlysuggestedthatconsumers’
behavioraltendenciesinteractwitheconomicevaluationsduringpurchasingdecisions. More recently, Wongkitrungrueng and Assarut
(2020) demonstratedthatlivestream commerce combines social interaction withpromotionalpricing, allowingconsumers to
evaluateproductsaccording to bothemotional and economicconsiderations.
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From the perspective of social commerce, this interaction becomesparticularly important becauseconsumers can compare
multiple sellersalmostinstantaneously. Social-media platforms continuously expose consumers to promotional campaigns,
livestream discounts, influencer-exclusive offers, and algorithm-drivenadvertisements. Under thesecircumstances,
consumerspossessingsimilarbehavioralcharacteristicsmayneverthelessdemonstratesubstantiallydifferentpurchase intentions
depending on theirsensitivity to price.

In  emergingeconomiessuch as Cambodia, wheredisposableincomeremainsrelativelyconstrained and social-commerce
competition is intense, pricesensitivityisexpected to exert an evenstrongermoderating influence. Consumersmayappreciate
innovative shopping experiences and trust social-commerce
sellerswhilesimultaneouslydelayingpurchasesuntilpricesbecomesufficiently attractive. Consequently, pricesensitivityisexpected to
weaken the positive influence of consumer behavioral traits on purchase intention.

The presentstudytherefore proposes thatalthough consumer behavioral traits positively influence purchase intention,
thisrelationshipbecomesweakeramongconsumers exhibiting higherpricesensitivity. Conversely,
consumerswithlowerpricesensitivity are expected to translate favorable behavioralcharacteristicsintopurchase intention more
readilybecauseeconomicconsiderationsexert less influence on theirpurchasingdecisions.

Accordingly, the followinghypothesisisproposed:

H,: Price sensitivitynegativelymoderates the relationshipbetween consumer behavioral traits and purchase intention, suchthat the
positive effect of consumer behavioral traits on purchase intention becomesweakerwhenconsumersexhibithigherlevels of
pricesensitivity.

3. Methodology
3.7 Research Design

This study adopted a quantitative research design to examine the influence of Consumer Behavioral Traits on Purchase Intention
in the context of social commerce and to investigate the moderating role of Price Sensitivity among consumers in Phnom Penh,
Cambodia. A quantitative approach was considered appropriate because the primary objective of the study was to empirically
test the proposed hypotheses and examine the structural relationships among multiple latent constructs using statistical analysis.
Compared with qualitative approaches, quantitative research provides a systematic and objective means of measuring consumer
perceptions and behavioral intentions while allowing researchers to generalize findings from a representative sample to the
target population (Hair et al., 2022).

The study followed a deductive research approach in which hypotheses were developed based on established theories and
previous empirical findings before being tested using survey data. Specifically, the Theory of Planned Behavior provides the
conceptual basis for treating purchase intention as the immediate motivational antecedent of behavior, while Trait Theory
explains how relatively stable consumer characteristics influence the formation of such intentions.

The conceptual framework (Figure 1) consists of Consumer Behavioral Traits as a higher-order construct, Purchase Intention as
the endogenous construct, and Price Sensitivity as a moderating variable. Consumer Behavioral Traits were operationalized as a
reflective-formative hierarchical component model comprising three first-order dimensions: Exploratory Buying Behavior,
Lifestyle, and Perceived Risk. Instead of examining these dimensions independently, they were integrated into a higher-order
construct to capture consumers' overall behavioral characteristics in social commerce. This approach is consistent with recent
recommendations for modeling multidimensional constructs in structural equation modeling (Becker et al,, 2012; Hair et al,
2022).
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Figure 1. Proposed Research Model

Given the complexity of the proposed research model, Partial Least Squares Structural Equation Modeling (PLS-SEM) was
employed to estimate the relationships among constructs. PLS-SEM is particularly suitable for prediction-oriented studies
involving hierarchical component models, moderation analysis, and complex structural relationships. Furthermore, the analysis
was performed using SmartPLS 4, following the recommended two-stage approach for higher-order construct assessment. This
analytical procedure enables the simultaneous evaluation of both the measurement model and the structural model, thereby
ensuring the reliability and validity of the proposed research framework before hypothesis testing.

3.2 Measurement Development

The measurement instrument used in this study was developed by adapting established scales from previous studies to ensure
content validity and construct validity. All measurement items were selected based on their theoretical relevance and empirical
support in consumer behavior and social commerce research. To enhance contextual appropriateness, minor modifications were
made to the wording of several items so that they accurately reflected consumers' experiences within the social commerce
environment in Cambodia while preserving the original meaning of the scales.

Consumer Behavioral Traits were conceptualized as a second-order reflective-formative construct comprising three first-order
reflective dimensions: Exploratory Buying Behavior, Lifestyle, and Perceived Risk. Exploratory Buying Behavior was measured
using items adapted from Baumgartner and Steenkamp (1996) and Manning et al. (1995), which capture consumers' tendency to
seek novelty, explore unfamiliar products, and enjoy trying new shopping experiences. Lifestyle was assessed using the Activities,
Interests, and Opinions (AIO) framework originally proposed by Wells and Tigert (1971) and further developed by Plummer
(1974). The measurement items evaluated the extent to which social commerce activities were integrated into respondents’ daily
lifestyles, including their interests in online shopping, engagement with social media platforms, and shopping-related opinions.
Perceived Risk was measured using items adapted from Featherman and Paviou (2003), reflecting consumers' concerns
regarding financial risk, product quality, privacy protection, transaction security, and delivery uncertainty when purchasing
products through social commerce platforms.Because perceived risk is theoretically expected to reduce purchase intention, the
perceived-risk indicators were reverse-coded before constructing the higher-order Consumer Behavioral Traits construct.
Consequently, higher scores represented lower perceived risk or greater tolerance of transaction uncertainty.

Purchase Intention was measured using reflective indicators adapted from Kim and Park (2013) and Hajli (2015). These items
assessed respondents' willingness to purchase products through social commerce platforms in the future, their likelihood of
selecting social commerce as a preferred purchasing channel, and their intention to continue purchasing products through these
platforms. As the moderating variable, Price Sensitivity was measured using items adapted from Lichtenstein et al. (1993). The
scale evaluates consumers' responsiveness to price differences, preference for lower prices, and tendency to compare prices
before making purchasing decisions.

All constructs were measured using a five-point Likert scale ranging from 1 (“strongly disagree”) to 5 (“strongly agree”). A five-
point scale was selected because it is easy for respondents to understand and provides sufficient response variability for
measuring consumer perceptions.Prior to the main survey, the questionnaire was reviewed by academic experts with research
experience in marketing, consumer behavior, and electronic commerce. The experts evaluated the clarity, relevance, and
contextual appropriateness of the measurement items. Based on their suggestions, several wording revisions were made to
improve readability and contextual suitability. The questionnaire was initially developed in English and subsequently translated
into Khmer. A back-translation procedure was conducted by independent bilingual translators to ensure semantic equivalence
between the English and Khmer versions. Any discrepancies were discussed and resolved before the pilot study. A pilot study
involving a small group of social commerce consumers was subsequently conducted to assess questionnaire comprehensibility
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and preliminary reliability. Feedback obtained during the pilot test resulted in minor refinements to the questionnaire before the
final version was distributed for large-scale data collection.

3.3 Sampling and Data Collection

The target population of thisstudycomprisedconsumersresiding in Phnom Penh, Cambodia,
whohadpreviousexperiencepurchasingproductsthrough social commerce platforms. Phnom Penh wasselected as the research
setting becauseitis the country'slargestmetropolitan area and has experiencedrapidgrowth in internet penetration, smartphone
usage, and social media adoption, makingit the most active market for social commerce in Cambodia. To
ensurethatrespondentspossessedsufficientknowledge and experience to evaluate the researchconstructs,
onlyindividualswhohadpreviouslypurchasedproductsthrough social commerce platforms such as Facebook, TikTok Shop,
Instagram, or Telegram wereconsideredeligible to participate in the survey.

A purposive sampling technique wasemployedbecause the studyrequiredrespondentswithspecificcharacteristics relevant to the
research objectives. Prior to completing the questionnaire, potential respondentswereasked a screening question to
confirmwhethertheyhadpurchasedproductsthrough a social commerce platform within the previous 12 months.
Individualswhodid not meetthisrequirementwereexcludedfrom the study.

Data werecollectedthrough face-to-face distribution of structured questionnaires at selected locations in Phnom Penh. Potential
respondentswereapproached by the researchers and trainedresearch assistants in places whereconsumerswerelikely to be
accessible, including shopping areas, universities, cafés, and public spaces. Respondentswhosatisfied the screening
criterionwereinformed about the purpose of the study and invited to participatevoluntarily.

After providingtheir consent, respondentscompleted the self-administered questionnaire in person. The researchers and research
assistants wereavailable to clarify the questionnaire instructions whennecessary but did not influence the respondents’ answers.
To protect participants’ privacy, no personally identifiable information wascollected, and all responseswere treated anonymously
and confidentially.

Completed questionnaires werecollectedimmediately and checked for completeness. After the data collection period, all
returned questionnaires were carefully screened for missingresponses, repetitiveanswering patterns, and inconsistentanswers.
Invalid questionnaires wereexcluded, whilevalid questionnaires werecoded and enteredinto IBM SPSS Statistics and SmartPLS 4
for subsequentanalysis.

3.4 Data Analysis

The collected data wereanalyzedusing IBM SPSS Statistics and SmartPLS 4. Prior to hypothesis testing, the datasetwasscreened
for missing values, duplicate responses, and inconsistentresponse patterns to ensure data quality. Descriptive statistical analyses
were first performedusing SPSS to summarizerespondents' demographiccharacteristics, includinggender, age, educationlevel,
monthlyincome, and frequency of social commerce purchases. Means and standard deviationswerealsocalculated to provide an
overview of respondents' perceptions of the researchconstructs.
Subsequently, Partial Least Squares Structural Equation Modeling (PLS-SEM) wasemployed to examine the proposedresearch
model. PLS-SEM  wasselectedbecauseitisparticularlysuitable for prediction-orientedresearchinvolvingcomplex  structural
relationships, higher-orderconstructs, and moderatingeffects. In addition, PLS-SEM imposes fewerdistributionalassumptionsthan
covariance-based structural equation modeling (CB-SEM) and has been widelyrecommended for consumer behavior and social
commerce research (Hair et al, 2022). The statistical analyses wereconductedusingSmartPLS 4 following the two-stage
approachproposed by Becker et al. (2012) for assessinghierarchical component models.
The measurement model wasevaluated before examining the structural relationships amongconstructs. For the reflective first-
orderconstructs, indicator reliability wasassessedusingouterloadings, with values of 0.70 or aboveconsidered acceptable.
Internalconsistency reliability wasevaluatedusingCronbach's alpha and Composite Reliability (CR), both of whichshouldexceed
the recommendedthreshold of 0.70. Convergent validitywasassessedthrough the Average Variance Extracted (AVE), with values
greaterthan 0.50 indicatingsatisfactory convergent validity. Discriminant validitywasevaluatedusing the Heterotrait-Monotrait
ratio (HTMT), where values below the recommendedthresholdindicateadequate discriminant validityamong the constructs (Hair
et al., 2022).
Because Consumer Behavioral Traits wasspecified as a reflective-formative higher-orderconstruct, the two-stage
approachwasadopted to estimate the hierarchical component model. In the first stage, latent variable scores of the
threereflective dimensions—ExploratoryBuyingBehavior, Lifestyle, and Perceived Risk—wereestimated. In the second stage, these
latent scores wereused as formative indicators of the higher-orderconstruct. The significance of outerweights and the variance
inflation factor (VIF) wereexamined to evaluate the contribution of each formative dimension and to
ensurethatmulticollinearitydid not threaten the validity of the higher-orderconstruct.
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After establishing the adequacy of the measurement model, the structural model wasevaluated by examiningcollinearity, path
coefficients, coefficients of determination (R?), effect sizes (%), and predictive relevance (Q?). The significance of the hypothesized
relationships wasassessedusing the bootstrappingprocedurewith 5,000 resamples to generate t-values, p-values, and bias-
corrected confidence intervals. Finally, the moderating effect of Price Sensitivity on the relationshipbetween Consumer
Behavioral Traits and Purchase Intention wastested by constructing an interaction term in SmartPLS 4. A statistically significant
interaction coefficient wasinterpreted as evidencesupporting the proposedmoderationhypothesis. The
overallanalyticalprocedureenabled a comprehensiveassessment of both the measurementproperties and the structural
relationships, therebyprovidingrobustempiricalevidence for testing the proposedresearch model.

4. Results

4.1 Respondent Profile

A total of 300 questionnaires were distributed, of which 285 were returned, representing a response rate of 95.0%. After
excluding 13 invalid questionnaires, 272 valid responses were retained, yielding a usable response rate of 90.7% based on the
questionnaires distributed.

Among the participants, 41.8% were male and 58.2% were female. Regarding age, the largest proportion of respondents was
between 21 and 30 years old (41.72%), followed by those aged under 20 years (22.5%). In terms of educational attainment, 68.7%
possessed a bachelor's degree. The majority of respondents reported a monthly income below USD 300 (41.49%).

4.2 Measurement Model Assessment

The measurement model wasevaluated by examiningindicator reliability, internalconsistency reliability, convergent validity, and
discriminant validityfollowing the recommendations of Hair et al. (2022).

As shown in Table1, all constructs of Consumer Behavioral Traitsloadingsexceeded the recommendedthreshold of 0.70,
rangingfrom0.788 to 0.866. Cronbach's alpha values rangedfrom0.801 to 0.897, while Composite Reliability (CR) values
rangedfrom0.885 to 0.933, exceeding the recommended minimum value of 0.70.
Theseresultsindicatesatisfactoryinternalconsistency reliability.

Convergent validitywasassessedusing the Average Variance Extracted (AVE). The AVE values rangedfrom0.621 to 0.778, all
exceeding the recommendedthreshold of 0.50, indicatingadequate convergent validity.

Table 1 Reliability and Convergent Validity

Construct Loading Cronbach'sa CR AVE

ExploratoryBuying  0.865 0.882 0.914 0.778
Lifestyle 0.866 0.897 0.933 0.750
Perceived Risk 0.831 0.851 0.896 0.701
Purchase Intention  0.847 0.873 0.907 0.719
Price Sensitivity 0.788 0.801 0.885 0.621

Discriminant validitywasassessedusing the Heterotrait-Monotrait ratio (HTMT). As shown in Table 2, all HTMT values werebelow
the recommendedthreshold of 0.85, demonstratingsatisfactory discriminant validityamong the latent constructs.

Table 2 HTMT Matrix

Construct 1 2 3 4 5
1.Exploratory Buying -

2.Lifestyle 0.544 -

3.Perceived Risk 0.415 0.410 -

4 Purchase Intention 0.543 0.517 0.521 -

5 Price Sensitivity 0.570 0.556 0.506 0.542 -

Consumer Behavioral Traits werespecified as a reflective-formative higher-orderconstructcomprisingExploratoryBuyingBehavior,
Lifestyle, and Perceived Risk. The formative measurement model wasassessed by examining the significance and relevance of the
outerweights and the variance inflation factor values. As shown in Table 3, all formative dimensions exhibitedstatistically
significant outerweights. Because the perceived-riskindicatorswere reverse-coded, higher scores representedlowerperceivedrisk.
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Therefore, all three dimensions—ExploratoryBuyingBehavior, Lifestyle, and Low Perceived Risk—made positive and statistically
significant contributions to Consumer Behavioral Traits. All VIF values werebelow the recommendedthreshold,
indicatingthatmulticollinearitywas not a concern.

Table 3Assessment of the Higher-Order Formative Construct

Higher-orderconstruct First-order dimension Outer weight Outer loading VIF | t p

Consumer Behavioral Traits  Exploratory Buying Behavior 0.416 0.836 1.64 | 5.107 | <.001
Lifestyle 0.369 0.784 1.61 | 4544 | <.001
LowPerceived Risk 0.298 0.731 147 | 3.874 | <.001

4.3 Structural Model Assessment

Before testing the hypotheses, collinearity among predictor constructs was examined. All VIF values were below the
recommended threshold, suggesting that multicollinearity did not affect the structural model.

The explanatory power of the model was assessed using the coefficient of determination (R?). The results indicate that Consumer
Behavioral Traits explained 43% of the variance in Purchase Intention (R? = 0.43), suggesting moderate explanatory power.

Predictive relevance was evaluated using Stone-Geisser's Q? statistic. The obtained Q? value of 0.407 indicates that the proposed
model possesses satisfactory predictive relevance.

4.4Hypothesis Testing
Bootstrapping with 5,000 resamples was performed to examine the significance of the proposed hypotheses.

As shown in Table 4, Consumer Behavioral Traits had a significant positive effect on Purchase Intention (B =0.289, t = 7.241, p
<.001), supporting Hs.

The interaction effect between Consumer Behavioral Traits and Price Sensitivity was statistically significant (B =-0.232, t = 6.104,
p <.001), indicating that Price Sensitivity significantly moderated the relationship between Consumer Behavioral Traits and

Purchase Intention. Therefore, H, was supported.

Table 4 Hypothesis Testing

Hypothesis  Relationship B t p Decision
H1 CBT - PI 0289 7.241 < .001 Supported
H2 CBT x PS—- Pl -0.232 6.104 <.001 Supported

Figure 2illustrates the moderating effect of Price Sensitivity on the relationshipbetween Consumer Behavioral Traits and Purchase
Intention. The slopewassteeperunderlow Price Sensitivity (slope = 0.36) thanunder high Price Sensitivity (slope = 0.16). This result
indicatesthat the positive influence of Consumer Behavioral Traits on Purchase Intention becomesweaker as Price
Sensitivityincreases, therebysupporting the proposednegativemoderating effect.
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Figure2Moderating Effect of Price Sensitivity
4.5 Effect Size and Predictive Relevance

The effect sizes () were examined to determine the contribution of each exogenous construct. Consumer Behavioral Traits
exhibited an effect size of 0.28 on Purchase Intention, indicating a medium effect according to Cohen’s (1988) guidelines. The
interaction term between Consumer Behavioral Traits and Price Sensitivity produced an effect size of 0.23, suggesting a medium
moderating effect.

The predictive relevance of the endogenous construct was further evaluated using the blindfolding procedure. The Q? value of
0.407 exceeded zero, indicating that the proposed model possesses satisfactory predictive relevance.

4.6 Summary of Findings

The results demonstrated that the proposed measurement model satisfied all reliability and validity requirements. The higher-
order construct of Consumer Behavioral Traits exhibited satisfactory formative measurement properties, and no multicollinearity
issues were detected. The structural model explained 43% of the variance in Purchase Intention and demonstrated acceptable
predictive relevance.

Hypothesis testing further revealed that Consumer Behavioral Traits exerted a significant positive influence on Purchase Intention,
thereby supporting Hs. In addition, Price Sensitivity significantly moderated the relationship between Consumer Behavioral Traits
and Purchase Intention, supporting Hy. Overall, the findings provide empirical support for the proposed research framework and
establish a foundation for the subsequent discussion of theoretical and managerial implications.

4.7 Discussion

The significant positive relationship between Consumer Behavioral Traits and Purchase Intention indicates that consumers’
behavioral orientations play an important role in social-commerce decision-making. Consumers who are more willing to explore
unfamiliar products, whose lifestyles are compatible with digital shopping, and who perceive lower transaction risk demonstrate
stronger intentions to purchase through social-commerce platforms. This finding extends previous social-commerce research,
which has largely emphasized technological and platform-related factors, by showing that individual behavioral characteristics
also explain variation in purchase intention.This finding is consistent with prior studies showing that exploratory tendencies and
consumer innovativeness increase consumers’ willingness to engage with emerging digital shopping channels (Baumgartner &
Steenkamp, 1996; Akram et al., 2021). It also supports previous research indicating that lifestyle compatibility facilitates online
shopping engagement (Kim & Park, 2013), whereas lower perceived risk encourages online purchase intention (Featherman &
Pavlou, 2003; Kim et al., 2008).

The negative interaction effect indicates that Price Sensitivity weakens the positive relationship between Consumer Behavioral
Traits and Purchase Intention. Even consumers who enjoy product exploration and frequently engage in digital shopping may
hesitate to purchase when they perceive the price as unattractive. This result suggests that favorable behavioral tendencies alone
are insufficient to generate purchase intention when consumers place considerable emphasis on economic sacrifice and price
comparison.The negative moderating effect is consistent with the logic of Transaction Utility Theory, which suggests that
consumers evaluate not only the benefits of a product but also the economic attractiveness of the transaction (Thaler, 1985).
Highly price-sensitive consumers may therefore continue comparing prices or postpone purchases even when they possess
favorable behavioral orientations toward social commerce.

The findings are consistent with previous studies showing that exploratory tendencies and consumer innovativeness facilitate
engagement with emerging shopping channels. They also support research demonstrating that perceived risk discourages online
purchasing. However, the present study extends prior research by integrating these behavioral characteristics into a higher-order
construct and by demonstrating that their influence depends on consumers’ sensitivity to price.

This moderating effect may be particularly relevant in Phnom Penh, where consumers can compare offers across Facebook,
TikTok Shop, and Telegram sellers with relatively low switching costs. Under such conditions, price sensitivity may function as an
important boundary condition that limits the translation of favorable behavioral traits into purchase intention.

5. Conclusion, Implications, Limitations, and Future Research

5.7 Conclusion
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Theprimary objective of thisstudywas to examine the influence of consumer behavioral traits on purchase intention in social
commerce and to investigate the moderatingrole of pricesensitivitywithin the Cambodian context. Drawingupon the Theory of
PlannedBehavior and  Trait Theory, thisstudyconceptualized consumer behavioral traits as a higher-
orderconstructcomprisingexploratorybuyingbehavior, lifestyle, and perceivedrisk. Using data collectedfromconsumerswithprior
social commerce purchasingexperience in Phnom Penh, Cambodia, the proposedhypotheseswereempiricallyexaminedusing
Partial Least Squares Structural Equation Modeling (PLS-SEM).

The empiricalfindingsindicatethat consumer behavioral traits significantly and positively influence consumers’ purchase intention
toward social commerce, therebysupporting the first hypothesis. The resultssuggestthatconsumerswhoenjoyexploring new
products, possess lifestyles compatible with digital shopping, and perceivelowerlevels of purchasingrisk are more likely to
developstronger intentions to purchaseproductsthrough social commerce platforms. Thesefindingsconfirmthatconsumers’
intrinsicbehavioralcharacteristicsremain important determinants of purchase intention beyondtechnologicalfeatures or platform
characteristics.

Furthermore, the resultsdemonstratethatpricesensitivitynegativelymoderates the relationshipbetween consumer behavioral traits
and purchase intention. Although favorable behavioralcharacteristics encourage consumers to purchasethrough social
commerce, this positive relationshipbecomesweakeramonghighlyprice-sensitive consumers. In otherwords,
evenconsumerswhoactively engage in digital shopping and enjoydiscovering new productsmaypostpone or
avoidpurchasingwhenproductpricesexceedtheir expectations or whentheyperceive alternative sellers as offeringbetter value.

Overall,  thisstudyconfirmsthatpurchase intention in  social commerce isjointlydetermined by  consumers’
psychologicalcharacteristics and theireconomicevaluations. Consumer behavioral traits provide the motivationalfoundation for
purchasingdecisions, whereaspricesensitivitydetermines the extent to whichthese motivations are translatedintoactualpurchase
intention. The findingsthereforecontribute to a more comprehensiveunderstanding of consumer behavior in social commerce,
particularlywithinemerging digital economiessuch as Cambodia.

5.2 Practical Implications and Research Contributions
5.2.1 Practical Implications

The findings of thisstudyprovideseveralpractical implications for social commerce sellers, digital marketers, and small online
entrepreneurs operating in Phnom Penh, Cambodia. The empiricalresultsdemonstratethat consumer behavioral traits significantly
influence purchase intention, whilepricesensitivityweakensthis positive relationship. Thesefindingssuggestthatsuccessful social
commerce strategiesshould not only encourage consumer engagement but also carefully consider the economiccharacteristics
of Cambodian consumers.

First, social commerce sellersshould recognize that Phnom Penh consumersexhibit strong exploratorybuyingbehavior. Young
consumers in Cambodia are highly active on Facebook, TikTok, Telegram, and Instagram, wherethey spend considerable time
browsing short videos, livestream shopping sessions, and influencer-generated content before makingpurchasingdecisions.
Rather than searching for products directly throughtraditional e-commerce websites, many consumers discover productsthrough
social interactions and entertainment-oriented content. Therefore, sellersshould continuously introduce new products, produce
creative short-form videos, conduct livestream demonstrations, and encourage real-time interaction with potential buyers. These
marketing approaches can stimulateconsumers’ curiosity and strengthenpurchase intention
amongindividualswithstrongerexploratorybuyingtendencies.

Second, the findingsindicatethat lifestyle compatibility plays an important role in shaping purchase intention. The rapidgrowth of
smartphone usage and mobile internet in Phnom Penh has made social media an integral part of consumers’ daily lives.
Shopping isincreasingly embedded within social networking, entertainment, and communication activities rather than being
treated as a separate purchasing process. Consequently, sellersshould integrate shopping experiencesintoconsumers’ everyday
digital lifestyles by collaborating with local content creators, encouraging user-generated content, and maintaining active
communication through messaging applications such as Telegram and Facebook Messenger. Building long-term customer
relationships may be more effective thanfocusingsolely on one-time sales promotions.

Third, reducing consumers’ perceivedriskremains essential. Many Cambodian consumers continue to purchasethrough individual
online sellers rather than large, established e-commerce platforms. As a result, concernsregardingproductquality,
paymentsecurity, delivery reliability, and after-sales service remain common. Sellers shouldtherefore improve transparency by
providing accurate product descriptions, authentic customer reviews, clear pricing information, and responsive customer service.
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Offering flexible payment methods, cash-on-delivery options where feasible, and clear return or exchange policies can further
reduce uncertainty and strengthenconsumers’ confidence in purchasingthrough social commerce.

Most importantly, the significant moderating effect of pricesensitivity suggests thatpricingstrategies are critical in the Cambodian
social commerce environment. Althoughconsumersmayenjoyexploring new products and activelyparticipate in digital shopping,
highlyprice-sensitive consumers are less likely to translate these favorable behavioralcharacteristicsintopurchase intention
whenprices are perceived as unattractive. This finding reflects the competitive nature of Phnom Penh'’s social commerce market,
whereconsumers can compare pricesacross numerous Facebook pages, TikTok Shop sellers, and Telegram stores within a short
period. The relativelylow switching costs amongsellers enable consumers to move easily to competitors offeringlowerprices or
betterpromotional packages.

Accordingly, social commerce sellersshouldavoid relying solely on attractive content or influencer marketing to generate sales.
Instead, marketing strategiesshould combine engaging customer experienceswith competitive pricing policies.
Promotionalactivitiessuch as limited-time discounts, free delivery, bundle offers, loyalty rewards, and exclusive livestream
promotions may be particularly effective in encouraging purchase intention amongprice-sensitive consumers. Rather than
engaging in excessive price competition that could reduce profitability, sellersshould enhance consumers’ perceptions of value
by combining reasonable priceswith reliable service quality, rapid delivery, and trustworthy customer support.

Finally, the findings imply that market segmentation based on consumer behavioral traits and pricesensitivitymay improve
marketing effectiveness. Consumers exhibiting strong behavioral traits but relativelylowpricesensitivitymayrespondpositively to
premium products, exclusive collections, or personalized services. In contrast, consumerswith high pricesensitivitymayrespond
more favorably to promotionalpricing, discount campaigns, and value-for-money offerings. By tailoring marketing strategies to
different consumer segments, social commerce sellers can allocate marketing resources more efficiently while improving
customer satisfaction and long-term business performance.

Overall, the findingssuggestthat sustainable success in Phnom Penh's social commerce market depends on achieving a
balancebetweenstimulatingconsumers’ behavioral motivations and satisfyingtheireconomic expectations. While interactive social
media marketing encourages consumer engagement, competitive pricing and perceived value remaindecisivefactors in
convertingpurchase intention intoactualpurchasingbehavior.

5.2.2 Research Contributions
This studymakesseveral important contributions to the existingliterature on social commerce and consumer behavior.

First, the studyextends the social commerce literature by shifting attention fromtechnology-orienteddeterminantstoward
consumer-orientedbehavioralcharacteristics. Previousresearch has primarilyfocused on factorssuch as trust, social support,
platform quality, perceivedusefulness, and technological acceptance. In contrast, the presentstudydemonstratesthatconsumers’
intrinsicbehavioraltendenciesalsoplay a fundamentalrole in shaping purchase intention.

Second, thisstudycontributes to consumer behaviorresearch by conceptualizing Consumer Behavioral Traits as a higher-
orderconstructconsisting of exploratorybuyingbehavior, lifestyle, and perceivedrisk. While previousstudies have
typicallyinvestigatedtheseconstructsindependently, the presentresearchprovidesempiricalevidencethattheycollectivelyrepresent a
broaderpsychological orientation influencing consumer purchase intention. This integratedconceptualizationoffers a more
comprehensiveexplanation of consumer decision-makingwithin social commerce.

Third, thisstudycontributesmethodologically by applying a hierarchical component model (higher-orderconstruct)
togetherwithmoderationanalysisusing PLS-SEM. The integration of a higher-orderconstructwith a moderating variable provides a
more sophisticatedanalyticalframework for examiningcomplex consumer behavior relationships and demonstrates the usefulness
of advanced structural equation modeling techniques in social commerce research.

Fourth, the studycontributestheoretically bydrawing on the Theory of PlannedBehavior'sconceptualization of behavioral intention
and adopting Trait Theory to explain individual differences in purchase intentionisformed, Trait Theory
explainswhyconsumersdiffer in theirbehavioralresponses. The combination of thesetheoretical perspectives provides a
richerexplanation of consumer purchase intention than relying on eithertheoryindependently.

Finally, thisstudycontributes to the limited body of social commerce researchconducted in emergingeconomies,
particularlyCambodia. Most previousstudies have focused on developed countries or larger Asian marketssuch as China, South
Korea, and Malaysia. By examining Cambodian consumers, the presentstudyprovidesempiricalevidencefrom a rapidlydeveloping
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digital economycharacterized by widespread social media usage, increasing smartphone adoption, and the dominance of
informal social commerce. Thesefindingsenrich the geographicaldiversity of social commerce research and providevaluable
insights for future comparative studiesacrosssoutheast Asian countries.

5.3 Research Limitations and Future Research
Despiteits contributions, thisstudy has several limitations thatshould be acknowledged.

First, the studyemployed a cross-sectional research design in which data werecollected at a single point in time. Althoughthis
design isappropriate for examining relationships among variables, itdoes not allowresearchers to observe changes in consumer
behavior over time. As social commerce platforms, digital technologies, and consumer preferences continue to evolverapidly,
future studies could adopt longitudinal research designs to examine how consumer behavioral traits and purchase intentions
change acrossdifferent stages of digital market development.

Second, the studyfocusedexclusively on consumersresiding in Phnom Penh, Cambodia. Although Phnom Penh represents the
country’'slargest commercial and digital marketplace, consumer behavior in other provinces maydiffer due to variations in
income, internet accessibility, educationlevels, and digital infrastructure. Future studiesshouldthereforeincluderespondentsfrom
multiple regionsacrossCambodia to improve the generalizability of the findings.

Third, the presentstudyexaminedonly one higher-orderconstruct and one moderating variable. Consumer purchase intention is a
complexphenomenonthatmayalso be influenced by additionalfactorssuch as trust, electronicword-of-mouth, social influence,
perceived value, influencer credibility, digital paymentconvenience, or platform quality. Future research could incorporatethese
variables into more comprehensiveresearchmodels to provide a broaderunderstanding of social commerce behavior.

Fourth, thisstudyreliedexclusively on self-reported questionnaire data, whichmay be subject to common methodbias and social
desirabilitybias. Although established statisticalprocedureswereemployed to minimizetheseconcerns, future studies could
combine survey data withactualpurchasing records, transaction histories, behavioralanalytics, or experimental methods to obtain
a more objective understanding of consumer behavior.

Finally, the presentstudyfocused on general social commerce platforms withoutdistinguishingbetweendifferent platform types.
Consumer behaviormayvaryconsiderablyacross Facebook Marketplace, TikTok Shop, Instagram Shopping, Telegram-based
commerce, and dedicated e-commerce platforms. Future research could conduct comparative analyses acrossdifferent digital
platforms or examine cross-country differencesamong ASEAN markets to determinewhether consumer behavioral traits and
pricesensitivityoperatesimilarlyunderdifferent cultural, technological, and economic conditions.

Overall, addressingthese limitations would not onlystrengthen the robustness of future research but alsocontribute to a
deeperunderstanding of consumer behavior in the rapidlyevolving social commerce environment.
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